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1. Preliminaries
Traditionally, marketers have sought to influence behavior and choice with the ultimate end of promoting the interests of employers or clients. The domain of marketing was convincing individuals and groups to purchase certain products over others, to spend rather than save, and to upgrade after deciding to buy. Starting in the 1970s, marketing researchers began to recognize that these persuasive techniques could be harnessed for other purposes as well. This was already obvious in the case of political advertising, in which platforms and policies could be linked with consumers’ interests and self-concepts; relatedly, Kotler and Zaltman (1971) argued that marketing techniques could be used to promote the social good, with marketers’ own material interests taking a back seat. In this approach, Kotler and Zaltman stated, ideas, ideals, and causes can be “sold” just like “cigarettes, soap, and steel.” Andreason & Kotler (2008) later defined this type of “social” marketing as indistinguishable from traditional marketing except insofar as social marketers seek, as an ultimate end, to benefit their target audience and society more generally. 
In this paper, we approach this social goal by linking two concepts from the field of marketing (means-end theory and laddering) with one from the philosophical field (virtue theory). Means-end theory has precedents in Aristotle’s Nicomachean Ethics (2000) and John Stuart Mill’s Utilitarianism (1861 / 1998) but has been developed in richer empirical detail by Reynolds & Olson (2001). According to this view, individuals’ desires, goals, and values are organized in a relatively stable hierarchy with more specific, concrete, local, and instrumental preferences (e.g., wanting sports team A to prevail over sports team B) at the bottom and more general, abstract, global, and intrinsic values (e.g., pride in one’s community) at the top. Between the maximally abstract and the maximally concrete are various mixed states that might be valued both instrumentally and intrinsically (e.g., the vicarious feeling of triumph).
Laddering is a technique for exploring individuals’ value-hierarchies. In a common interview-based version of laddering (Reynolds & Olson 2001), the marketer asks a consumer why she, for instance, purchased a product. Typically, the answer to this question identifies some concrete feature of the product at one end of the hierarchy, such as its ingredients or immediate effects on the consumer. The interviewer then iterates the “why”-question until a fundamental, intrinsic value is identified. Repeated further, this process generates a chain of increasingly global values. To the extent that the interviewed consumer is typical of the group the marketer wants to target, her value-hierarchy can be used as a model of the group’s values. Once the model is formed, it can be harnessed as a rhetorical tool. One standard way of doing this is to point to the features of a product that can be expected to engage people’s mid-level values, explicitly or implicitly draw the connection to such values, then point in the direction of the relevant intrinsic values. For instance, the marketer of a chocolate product draws the target audience’s attention to the fact that the ingredients are from Brazil and Ethiopia. This concrete feature is then connected with the mid-level value of exoticism. Exoticism is in turn connected with the intrinsic value of originality. The basic idea behind this strategy is that persuasive messages are likely to fall flat if they are (perceived as) irrelevant to what consumers care about. Though it may be possible, to some extent, to change what people care about, it is easier and more effective to establish the relevance of one’s product or service to what they already value. 
As we have described it thus far, laddering seems to generate only linear networks between local preferences and global values. Common sense, reflection, and empirical research all suggest otherwise. For instance, in the Schwartz Values circumplex model (1992), the degree to which individuals value benevolence is positively correlated with the degree to which they value universalism and tradition but negatively correlated with the degree to which they value achievement, power, and pleasure. This suggests that values are embodied in complex, non-linear networks, and that marketing messages will be more effective to the extent that they utilize more routes towards the same higher-level value. 
For this reason, we believe it is worthwhile to pursue means-end research not just through linear laddering but also with explicitly network-theoretic methods. One way to employ this method would be to data-mine existing corpora that may be rich in expressions of both communal and individual values. It remains an open question how to most accurately measure the distribution of values in a population. Several approaches have been developed, including the Schwartz circumplex mentioned above, as well as the models of Kahle et al. (1986), Rokeach (1973), and Graham et al. (2011). Graham et al. (2009) counted the number of value-laden words in sermons from politically liberal and conservative churches in order to make inferences about relative value structures within liberal and conservative groups more generally (while sermons from liberal churches focused relatively more on issues of group loyalty and concerns about harm and caring, sermons from conservative churches focused relatively more on issues of spiritual or physical purity and obedience to authority). Graham et al. (2009) thus utilized a lexical approach to understanding evaluative language, according to which everyday language reflects folk conceptions about the nature of morals and values more generally. This approach predicts that ideas that are particularly important to a community will naturally gain expression in that community’s language, often as discrete descriptors (e.g., “loyal,” “authoritarian,” “nature-loving,” etc. – see Christen et al., 2014). This type of lexical approach has a well-established history in the study of personality traits, a field that is also beginning to re-introduce evaluative terms (e.g., “wicked”) to what it considers descriptors of traits (Saucier, 2009). Graham et al. (2009) focused specifically on popular words in religio-political discourse, and actively filtered out words unrelated to Moral Foundations Theory (Haidt and Joseph, 2004). With a similar lexical approach, we sought to examine the extent to which virtues, values, and constituents of well-being are carried in the language of different communities in the general (theory-agnostic) person-descriptors they use. Thus, unlike Haidt and Joseph, we planned to only filter out non-person-descriptors rather than applying a pre-determined value framework. 
This brings us to our perhaps surprising choice of corpora: we believe that obituaries are an especially rich resource for identifying people’s values. Because obituaries are succinct and explicitly intended to summarize their subjects’ lives, they may be expected to include only the features that the author or authors find most salient, not only for themselves as relatives or friends of the deceased, but also to signal to others in the community the socially-recognized aspects of the deceased’s character. Linda Zagzebski, a philosopher who specializes in virtue theory, proposed that “one way to express the depth required for a trait to be a virtue or a vice is to think of it as a quality we would ascribe to a person if asked to describe her after her death” (1996, emphasis ours). Such posthumous descriptions have a summative character to them, so positive or negative valence in them is presumably meant to evaluate the deceased’s moral identity as a whole. In a similar vein, in Acceptance and Commitment Therapy (ACT), a popular form of clinical psychiatry, one of the primary interventions employed to help patients clarify and connect their values is to ask them to write their own obituary or eulogy (Hayes et al., 2011). Additionally, because social marketing typically aims to promote moral or social ends, the values relevant to social marketers are especially likely to crop up in these documents.
Beyond these essential connections, extracting values is also potentially useful to social marketers for several pragmatic reasons. First, obituaries, unlike other value-laden corpera such as sermons, diaries, and letters, are published in newspapers and readily available online. Second, it is fairly straightforward to use metadata to segment obituaries (and therefore markets) based on potentially moderating variables such as age, race, socio-economic status, location, gender, and so on. Third, obituaries tend to focus primarily on moral values and virtues, which are typically the virtues and values social marketers wish to engage.
	We expect the values expressed in these records to be diverse but also interconnected. Different communities and individuals are unlikely to unanimously agree on a single set of norms or ideals, but it would be equally surprising to find no significant overlap. Thus, the ideal approach to analyzing these texts will be sensitive to the typical (lack of) correlations between the various ways that we praise the dead. This sort of analysis could be conducted by developing an extensive list of positive and negative correlations between each term or phrase, but human observers have little to gain from a sprawling list of correlations between hundreds of variables. Thus, where we aim to present a holistic picture of the virtues expressed by each community, we will do so in the form of network graphs that represent hundreds or thousands of correlations in a single, easily digestible representation of the data. 
In what follows, we begin by reviewing studies 1 and 2, in which obituaries were carefully read and labeled. We then report study 3, which further develops these results with a semi-automated, large-scale semantic analysis of several thousand obituaries. Next, we turn to study 4, in which participants wrote prospective obituaries. We conclude with a general discussion and suggestions for further research.

Study 1: Local Obituaries
Given our goal of using obituaries to further our understanding of ordinary people’s values, it was important to select sets of obituaries that are representative of the general public’s values, insofar as this is possible. To this end, we selected local newspapers with obituaries of people from all walks of life instead of targeting obituaries of larger newspapers that selectively write about famous individuals. We anticipated that obituaries from newspapers such as The New York Times would be both more selective (only covering a few famous or infamous individuals) and more comprehensive (written with the goal of telling a rich and captivating story of those few individuals whose lives were deemed worthy of note). We also found that, while Times obituaries are authored by professional writers, the obituaries of ordinary folks in local newspapers are typically composed by laypeople. The stories of (in)famous individuals in the Times, while more interesting, include a full range of virtues, vices, and value-neutral descriptions. Our initial goal, though, was to target obituaries as a means of developing a better understanding of positively (or at worst neutrally) valenced terms and phrases (see Study 2 for a brief discussion of obituaries from The New York Times). 
 
Methods
Obituaries published between November 2013 and January 2014 were collected from newspapers in four cities: The Register Guard (Eugene, Oregon), The Mat-Su Valley Frontiersman (Wasilla, Alaska), The Flint Journal (Flint, Michigan), and The Hampshire Gazette (Amherst, Massachusetts).[endnoteRef:1] These were read with an eye to agent-level descriptions of the deceased (e.g. ‘hard-working’, ‘honest’, ‘generous’). General categories of traits were developed inductively as obituaries were read, with additional categories added as new types of descriptions were found that did not match previously added labels.  [1:  Eugene was chosen as a representative of the Pacific Northwest that is less influenced by in-migration than Portland and Seattle. Wasilla was chosen for potential cultural differences between Eugene – a somewhat large, left-leaning university town – and Wasilla – a small, right-leaning suburb adjacent to a major military base. Flint represents a rust belt city with a substantially lower median income. Finally, we chose Amherst as it is one of the most liberal, highly-educated cities in the United States. ] 

 
Results
We collected and analyzed 928 obituaries (52% female) in total across the four cities, with 708 containing agent-level descriptions of the deceased (51% female) as summarized in Table 1.
	City
	Male
	Female
	Total

	Amherst, MA
	266 (215)
	299 (240)
	565 (455)

	Eugene, OR
	91 (75)
	76 (43)
	167 (118)

	Flint, MI
	66 (44)
	81 (59)
	147 (103)

	Wasilla, AK
	21 (13)
	28 (19)
	49 (32)

	Total
	444 (347)
	484 (361)
	928 (708)


Table 1: Total number of obituaries collected from four newspapers, broken down by gender; number in parentheses reports how many obituaries contained agent-level descriptions of the deceased. 

We were particularly interested in investigating trends in the co-occurrence of descriptions of the deceased within obituaries. To see this, the co-occurrence of traits X and Y was treated as an undirected edge in a network, with the weight of each edge equal to the total number of obituaries in which the deceased was described as both X and Y. The resulting networks for each city and the combined network of traits are represented visually below. The graphs below were generated with Gephi, using a standard ForceAtlas layout with heightened stabilization, attraction distribution, and label adjust.
[image: C:\Users\Andrew Higgins\Dropbox\Speaking well of the dead\Local Obits - Flint-Amherst-Wasilla-Eugene\Eugene Data\Eugene Gray Scale Sex Differences.png]
Figure 1: Co-occurrence of traits in Eugene obituaries. Label size was determined by total occurrences, edge width by total co-occurrences, and label color by gender differences (black = more female, light gray = more male, dark gray = mixed, continuous scale) 

Figure 1 displays the traits ascribed to the deceased in Eugene. This graph depicts trait frequency with size (e.g., obituary writers highlighted volunteering more often than integrity, represented by the fact that “volunteer” is larger than “integrity” in the graph). Gender differences are represented with label coloring on a continuous scale between black and light gray, with terms colored black to the extent that they tended to be ascribed to women, light gray to the extent that they tended to be ascribed to men, and dark gray for terms that were roughly equal in frequency after adjusting for total word count of male and female obituaries. Finally, line thickness represents the frequency of co-occurrence of traits, with thick lines indicating pairs of terms that were frequently ascribed to the same individual. A label’s position is not meaningful on its own, but positions carry meaning in relation to the positions of every other node. In graphs such as this, node positions are determined by an iterated application of three forces: (1) gravity, pulling all nodes to the center, (2) attraction, pulling nodes together if they are connected by an edge, with the strength of the attraction determined by the weight of the edge, and (3) repulsion, whereby all nodes are pushed away from all other nodes.[endnoteRef:2]  [2:  The spatial proximity of two nodes may indicate an important connection between the two, but this need not be the case. If there is an edge with high edge weight connecting the two, this will pull them closer together. However, the position of any two given nodes is also the product of the aggregated movement and forces of every other node in the network. Node positions only perfectly reflect edge weights in an N-dimensional graphical representation where N = the total number of nodes. ] 

	Similar analyses were conducted using the trait-terms gathered from obituaries from Wasilla, Alaska (Figure 2), Amherst, Massachusetts (Figure 3), and Flint, Michigan (Figure 4). 
[image: C:\Users\Andrew Higgins\Dropbox\Speaking well of the dead\Local Obits - Flint-Amherst-Wasilla-Eugene\Wasilla\Wasilla Grayscale.png]
Figure 2: Co-occurrence of traits in Wasilla obituaries. See Fig. 1 for details on graph layout. 
[image: C:\Users\Andrew Higgins\Dropbox\Speaking well of the dead\Local Obits - Flint-Amherst-Wasilla-Eugene\Amherst\Amherst Groups Grayscale Test.jpg]
Figure 3: Co-occurrence of traits in Amherst obituaries; to reduce clutter, only the most prominent traits are labeled (as measured by PageRank). See Fig. 1 for details on graph layout.

[image: C:\Users\Andrew Higgins\Dropbox\Speaking well of the dead\Local Obits - Flint-Amherst-Wasilla-Eugene\Flint Data\Flint_Gender_Grayscale.png]
Figure 4: Co-occurrence of traits in Flint obituaries. See Fig. 1 for details on graph layout.

In addition, we combined the data for all four towns, then split it to create maps of the values and virtues associated with women (figure 5) and with men (figure 6)
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Figure 5: Co-occurrence of traits in female obituaries in Amherst, Eugene, Flint, and Wasilla. See Fig. 1 for details on graph layout.

[image: C:\Users\Andrew Higgins\Dropbox\Speaking well of the dead\Local Obits - Flint-Amherst-Wasilla-Eugene\Comparisons\Combined Male Grayscale.png]
Figure 6: Co-occurrence of traits in male obituaries in Amherst, Eugene, Flint, and Wasilla. See Fig. 1 for details on graph layout.

Discussion
Naturally, these maps are only one perspective on the value-networks of the communities they represent. We believe, though, that they point to underutilized approaches to social marketing. For instance, suppose the Sierra Club, a non-profit public interest organization, were designing a social marketing campaign. They would of course want to connect with people whose identity as a nature-lover. One straightforward way to do this would be to call attention to the direct environmental impacts of the Sierra Club, connect those with mid-level values, then connect those to the valued identity of being a nature-lover. In addition, however, a social marketer might try to connect through closely-related identities, such as being athletic or being a veteran. Instead of or in addition to saying, “Support the Sierra Club! We help save the coastal redwoods, a unique forest that any nature-lover would hold dear,” they could say, “Support the Sierra Club! We maintain trails through the coastal redwoods, a beautiful hiking trail that any athlete would want to traverse,” or “Support the Sierra Club! We help save the coastal redwoods, a national landmark dear to any patriot.”

Study 2: New York Times Obituaries
We anticipated that local newspapers would be a useful place to look for variability in expressions of commonly shared values. However, we also wished to investigate the obituaries of significant figures because these might give us a better picture of the character traits of people who are commonly seen as great and noteworthy. It might be that people generally take certain traits to be virtuous for friends and loved ones, such as honesty and dedication, while evaluating famous individuals in a different light, perhaps differentially valuing traits such as leadership and decisiveness. To explore this possibility, we read and coded obituaries from The New York Times, following a similar set of methods as in study 1. 

Methods
All obituaries published by The New York Times from 1 October 2013 to 1 February 2014 were read and analyzed. As with study 1, information was gathered on the age at death, gender, and traits of the deceased. 

Results
A total of 74 obituaries (13% female, an eye-popping statistic) from The New York Times were read and labeled based on trait-ascriptions found in the obituaries. Three-hundred thirty-seven trait types were included in the sample, with an average of 8.5 traits per obituary. As in study 1, the resulting sets of traits were analyzed from a network perspective. Where someone was described as both X and Y, an undirected edge was created linking X to Y, with edge weight based on the total number of people described as both X and Y, resulting in 3,939 edges. This network is displayed in Figure 7. 
[image: ]
Figure 7: Character traits ascribed in New York Times obituaries. Trait are labeled based on the gender of the deceased (male only = lowercase; female only = UPPERCASE; both male and female = *Proper*). Label sizes reflect PageRank, and edge width reflects edge weight. Edges with edge weight <2 and nodes with weighted degree <10 were hidden to reduce clutter. 

Discussion
Value-maps like the one in Figure 7 represent a complex social structure of valuation. They show what ordinary or somewhat-well-placed people consider important about praiseworthy and noteworthy individuals – not necessarily what those individuals were really like, nor what they aspired to be like. Nevertheless, since people, especially famous people, tend to be extremely concerned with how they’re perceived, even such maps of second-order values can be useful. For instance, suppose a lobbyist for the Nuclear Age Peace Foundation, an NGO committed to the abolition of nuclear weapons, were appealing to heads of state in hopes of persuading them to support nuclear disarmament. They would of course want to connect with the desire to be seen as good leaders. One straightforward way to do this would be to call attention to the direct societal impacts of disarmament, connect those with mid-level values, then connect those to the valued identity of being a good leader. In addition, however, a social marketer might try to connect through closely-related identities, such as being honored. Instead of or in addition to saying, “Support disarmament! It protects innocent lives, an intrinsically valuable resource that any leader would hold dear,” they could say, “Support disarmament! It will lead citizens and foreigners alike to honor and esteem you.”

Study 3: Large-Scale Data-Mining of Local Obituaries
After manually reading, coding, and analyzing over one thousand obituaries in studies 1 and 2, we were interested in developing methods for automatically encoding the traits ascribed in obituaries on a significantly larger scale. Hand-coding has clear advantages, especially with regards to our confidence that sampled obituaries are correctly parsed as ascribing traits to the deceased (rather than, say, commending caretakers for their devotion to the deceased). However, if an automated or semi-automated process should turn out to give similar results to the results of manual reading, we could be reasonably confident that the automated processes are not too compromised by misapplications of terms to the deceased (false positives) or missing content (false negatives) to render their results suspect. To gather more data and to test general reliability of a semi-automated data-mining process, we sought to test new methods on a batch of several thousand obituaries. 

Methods
Obituaries were collected from ObituaryData.com in collaboration with the Alumni Office of the University of Oregon. ObituaryData.com is a data-warehousing company that maintains a subscription to the United States’ Social Security Death Master File, allowing a wide and nearly complete sample of deaths and respective obituaries within the US.[endnoteRef:3] The University Alumni Office’s account included permission to search the full text of all archived obituaries for keywords including the university’s name and most common abbreviation, U. of Oregon . We conducted automated acquisition of the entire collection of obituaries matching these terms, totaling 13,209 records from March 2000 to May 2014 and containing over 3.9 million words.  [3:  ObituaryData.com’s “About” page claims that their records are 95%+ complete. ] 

Gathered records comprised the following information about the deceased: name, city and state of residence, date of birth, date of death (or, lacking this, date of obituary publication), and full-text obituary content. Age in years at death was calculated from date of birth and date of death. In addition, forenames of the deceased were used to guess gender (Female, Male, or Unknown). To accomplish this, we compiled the most popular 4,275 female and 1,219 male names in the US as of 2005, based on 1990 US Census Bureau Data and other sources in 2005.[endnoteRef:4] The female and male name-lists were each ordered by decreasing popularity of name. The forename of the deceased in each gathered obituary record was then compared with both lists and assigned the gender of whichever list in which it appeared higher (e.g., if the name of the deceased was given as “Bobby” in the obituary record, the record was listed as “Male,” because “Bobby” was listed as a more popular male than female name in the Census Bureau name lists). [4:  These name lists were compiled by MongaBay, who made them available at http://names.mongabay.com/male_names.htm and http://names.mongabay.com/female_names.htm.] 

Using ConText, a program developed for semantic network analysis, we performed the following manipulations of the text: (1) changed all letters to lowercase, (2) applied a generic stoplist to the texts, (3) identified bigrams, and (4) merged near-synonyms.[endnoteRef:5] After steps (1) and (2), the resulting text, comprising two million words, was used to generate a full list of terms used in all obituaries; two of the three authors then independently read through this full word list and selected each unigram or bigram that could serve as a description of the deceased. The remaining author then reviewed all terms in cases where the first two authors disagreed. Terms selected by at least two of the three authors were retained; all other words from the original texts were deleted. We then reviewed the list of terms again and identified cases of synonyms or near-synonyms. Synonyms were retained based on the following general rules:  [5:  A stoplist is a list of generic words that carry little semantic content (e.g., “the,” “and,” “or,” “an,” etc.) and are typically removed when analyzing large corpora of texts. Bigrams are pairs of words (e.g., “Eagle Scout”). ] 

1. Adjectives (e.g., “Honorable”) were preferable to past participles (e.g., “Honored”), which were preferable to Gerunds (e.g., “Honoring”), which were preferable to nouns (e.g., “Honor”).
2. Words (e.g., “Adventist”) were preferable to phrases (e.g., “Adventist Church”)
3. Singular nouns (e.g., “Airplane,” to describe a theme of a pilot’s life) were preferable to plural nouns (e.g., “Airplanes”)
4. Person-descriptors (e.g., “Pilot”) were preferable to “themes” (e.g., “Airplane”)
After two members of the research team had made independent judgments on conflicting terms, the openNLP (open Natural Language Processing) package in R was used to automatically tag each judgement suggestion by Part of Speech (POS), including its singular vs. plural status for count nouns. Conflicting judgments were then automatically resolved using the rules above. Conflicts unresolved in this automated way were then resolved manually by the remaining research team member. Through this process, for example, “accomplish,” “accomplished,” “accomplishing,” “accomplishment,” and “accomplishments“ were all replaced with “accomplishment.” In doing so, we ran the risk of conflating semantically distinct terms in some contexts; however, this approach was preferable to not identifying the semantic similarity of these terms in the majority of contexts where they might be used more or less interchangeably. 
With the texts filtered and cleaned, we then constructed a semantic map of the obituaries, treating co-occurrence of terms X and Y within the same obituary as an undirected edge in a network. This resulted in a network of 910 nodes and 19,034 edges. Given the scale of this network, it would not be informative to present a visual representation of it in its entirety; thus, we developed a summary visualization. This visualization, shown in Figure 8, simplified the network by collapsing closely-connected nodes into a single group node. Using Gephi’s modularity measure (resolution = 1.0), nodes were assigned to groups based on which terms tended to be clustered together. Groups of nodes were then treated as individual nodes.

Results
In Figure 8, nodes represent large sets of trait terms. 
[image: ]
Figure 8: Groups of traits ascribed to 13,209 deceased University of Oregon alumni. Trait terms were grouped based on modularity measure and groups were labeled manually based on the judged common theme among the traits in each group. Node circle size indicates the number of traits subsumed in each group, and edge width and color reflect the number of between-group connections. 

Labels were assigned manually based on the common theme we identified in each cluster. Node size was determined by the number of terms subsumed within each group. Edge width was determined by edge weight between nodes, which in turn was based on the co-occurrence of traits in each group. Node positions were determined by an iterated application of the ForceAtlas algorithm with heightened attraction distribution and repulsion strength. 

Discussion
Before we initiated this semi-automated analysis, it was an open question whether this process would produce results similar to those of manual reading. The results suggest that semi-automated data processing results in a network of trait-terms similar to those identified by the authors in carefully reading individual obituaries, but the results diverge from the results of study 1 in some important respects. 
First, we observed a substantially higher frequency of scholarly traits. Far more people were described as writers, scientists, researchers, students, teachers, etc. In the obituaries analyzed in study 1, family, friendship and faith were consistently at the core of the network; in the current study, these traits were still frequently mentioned but were less central to the network than academic attributes .This difference is naturally explained by differences in the original data. The obituaries used for study 1 came from local newspapers where friends or relatives of any deceased person may write about the deceased, but for the present study, obituaries were filtered to include only those mentioning University of Oregon. Thus, most people described in these obituaries were either students or university employees, and obituary writers took their university affiliation to be sufficiently important to the deceased to include this in their obituary, so it is no surprise that they tend to be described with more academic language. 
Second, we observed higher modularity and more distinct patterns in the clustering of traits in the present study. This is best explained by the larger sample size. With over 13,000 obituaries to draw from, we could more easily identify the real patterns of connections and disregard less frequent or accidental connections. 
Third, in addition to virtues and values, which were explicitly coded for in the manual studies, this automated study turned up many constituents of well-being. While it does not seem correct to say that accomplishments, athletics, gardening, or hobbies are virtues or values, they do seem to be part of what makes some lives enjoyable or worthwhile. If this is on the right track, it suggests that obituaries may be especially good resources for positive psychologists and marketers who are interested in what people enjoy for its own sake.
In the wake of federal and state divestment, public universities face serious budget problems that they’ve attempted to solve by, among other things, soliciting donations from alumni. We believe that the kind of network we’ve developed for the University of Oregon could be used to guide their outreach to alumni. In addition to connecting with former students’ commitment to academics, social marketers working on behalf of the university could connect to closely-related values, such as moral character, sports, music, theatre, and dance. Instead of or in addition to saying, “Support the University of Oregon! We educate students and perform valuable research,” they could say, “Support the University of Oregon! We cultivate the moral character of our students, and we engage the community through extracurricular activities like sports, music, theatre, and dance.”

Study 4: Prospective Obituary Writing 
One limitation of using obituaries to inform social marketing is that this information concerns the values ascribed to the deceased, and it remains an open question whether, or to what extent, these values are shared by the living. It’s not unreasonable to guess that these values are shared with the living obituary writers and their intended readers in the community, but it would be better if the method of extracting values from obituaries were calibrated with other measures of the values of individuals and communities. For example, while the gender discrepancies observed in professional and lay-written obituaries probably reflect sexist attitudes in our society, these gender-based differences may have been more or less pronounced in the lives of the deceased. By calibrating obituary data with other sources, we can identify relevant cohort effects, and social marketers targeting specific age groups may better understand the unique constellation of values embraced by each cohort in a community. 
	The present study considers prospective obituaries written by study participants instead of actual obituaries. We aimed to test the following hypotheses: 
(1) Prospective obituaries written by younger participants will have less pronounced gender-based differences. 
(2) In writing obituaries for themselves, older participants will focus more on career, organizational affiliation, family, and character traits related to hard work and loyalty, while younger participants will focus more on friends and social personality traits such as being humorous, kind, or fun. 
(3) Prospective obituaries concerning friends will focus more on personality traits related to benevolence and generosity while those for family members will focus more on loyalty and commitment. 
(4) Descriptions that participants hope will be in their obituary will be more uniformly positive than those that they expect will be in their obituary. 
(5) Prospective obituaries will only rarely include hobbies, personal preferences, and facts regarding their life history. 
(6) All four types of hypothetical obituaries will be more similar to obituaries written by and for laypeople than those written about famous individuals by professional authors. 

Methods
1,022 participant workers were recruited using Amazon Mechanical Turk and compensated with $0.50. The mean age was 33.5, with ages ranging from 18-75, and 56% were male. Participants were randomly assigned to one of four conditions: Self-Hoped (259), Self-Expected (252), Close Friend (247), or Family Member (252).[endnoteRef:6] In each condition, participants were asked to provide five words or phrases that will appear in a hypothetical obituary. For example, in Self-Hoped, participants read:  [6:  Twelve participants were removed from our analysis for failing to complete the study. ] 

We’d now like to ask you to reflect for a few moments on your own values and life, then answer the following question:
Which five words or phrases do you hope will be used to describe you in your own obituary?

In Self-Expected, “hope” was replaced with “expected,” and in Close Friend and Family Member “your own values and life” was replaced with “the values and life of one of your close friends / a close living family member”. Participants also provided demographic information (age, gender, and location). 

Results
In each condition participants identified sets of values highly similar to those identified in actual obituaries, as seen in table 2. 
	term
	 frequency
	term
	 frequency
	term
	frequency

	loving
	396
	intelligent
	82
	fun
	55

	caring
	377
	good
	81
	father
	52

	kind
	321
	giving
	75
	compassionate
	51

	funny
	175
	mother
	73
	selfless
	51

	loyal
	123
	hard
	71
	thoughtful
	51

	honest
	116
	friendly
	64
	creative
	48

	friend
	101
	strong
	61
	life
	48

	generous
	99
	helpful
	60
	working
	46

	loved
	93
	family
	57
	wife
	43

	smart
	92
	happy
	57
	great
	40


Table 2: Most frequent traits ascribed across all four conditions. 
In general, the traits highlighted in these hypothetical obituaries mirror those of actual obituaries. “Loving,” “caring,” and “kind” are central virtues in both, and both sets emphasize a range of familial, friendship, and personal virtues. Some notable differences were found, however. Local obituaries frequently mention being a veteran, nature lover, volunteer, traveler, and adherent of a particular religion, and obituaries from the New York Times most frequently emphasized being honored, an author, a leader, or a veteran. These words rarely appear in this set of prospective obituaries, even after combining nearby terms (e.g., treating “honor,” “honorable,” and “respected” as “honored”), with the following frequencies: religious (49), nature-lover (34), honored (22), volunteer (28), sports fan (8), leader (6), author (4), traveler (3), and veteran (1). 
	Some of these differences have natural explanations. Since the Mturk workers were limited to just five words or phrases, we would expect them to pass over life activities such as hiking or traveling and instead focus on paradigmatic virtues such as honesty and generosity. The decreased emphasis on religiosity may be due to younger people being less religious, but it may also be explained by the salience of religion, God, and the afterlife while writing an actual obituary. The most common virtues ascribed to notable, famous individuals are almost entirely absent in the prospective obituaries, perhaps suggesting that what we deem virtuous for ourselves and our loved ones more closely approximates the virtues ascribed to the dead in local death notices. Veteran status, however, is frequently highlighted in both types of actual obituaries while being virtually non-existent in those written by these Mturk workers. This may be due to the demographics of the Mturk workforce; however, even if Mturk workers are less likely to be veterans, this would not explain why only one participant in the Family or Friend conditions characterized their loved one as a veteran. This may be due to their friend or family member status being most salient; or perhaps military service, like other careers, was not as noteworthy as other traits when participants were limited to just five descriptions
[bookmark: _GoBack]	We anticipated significant age-based differences in these hypothetical obituaries. Specifically, we hypothesized that older participants would more frequently highlight career, organizational affiliation, family, hard work, and loyalty, while younger participants would identify the virtues of being fun, humorous, and kind. We also expected more gender-based differences in the traits identified by older participants. Results were divided into three roughly equal groups based on age: Young (18-27), Middle (28-35), and Old (36-75). In comparing these groups, we did not find strong support for our predictions. Young and old alike frequently mentioned “fun,” “kind,” and “humorous,” with young participants doing so only slightly more frequently. Career and organizational affiliations were rarely mentioned by any group. While each age group identified important familial relations, older participants identified these relations slightly more. The virtues of loyalty and working hard were frequently mentioned by each age group. The hypothetical obituaries of older participants differed more along gender lines than those of younger participants, but the difference was very small (only 4% higher in Old) after replacing gendered terms with gender-neutral variants (e.g., ‘mother’ and ‘father’ each changed to ‘parent’).[endnoteRef:7]   [7:  Gendered titles were made gender neutral to more clearly focus on gender differences indicating real differences in social norms, values, or expectations. ] 

Two unexpected patterns were identified, however. First, as should have been expected, older participants mentioned God and religion more frequently than younger people. Second, younger participants more frequently identified a constellation of affective traits, including Nice, Warm, and Passionate. Overall, though, the results in each age group were strikingly similar. This suggests that information provided by actual obituaries may be highly valuable for social marketing insofar as the values and virtues ascribed to the deceased are recognized as values and virtues by many adults of all ages. 
	We next compared traits provided in the Self-Expected and Self-Hoped conditions. Generally, the most prominent traits expected to appear in the obituary were also those traits participants hoped to see, except that the core values of being honest, loving, humorous, and generous were emphasized more by those imagining their ideal obituary while social relations like being a friend, mother, or husband were identified more frequently by participants imagining their expected obituaries. Combining the results from these two conditions, a list of 5,090 undirected edges between 438 nodes was generated identifying the most prominent patterns of co-occurrence. Traits tended to cluster into three major groups within this network. The ten most cited traits in each group are noted below in order of PageRank in the network. 
Cluster #1: friend, loved, family, mother, father, wife, husband, missed, dedicated, daughter
Cluster #2: caring, loving, humorous, honest, loyal, hard worker, helpful, smart, friendly, happy
Cluster #3: kind, intelligent, generous, creative, quiet, thoughtful, curious, nice, good, wise
The first group stands out as focusing on social relations, while the second highlights social virtues, and the third group generally focuses more on personal virtues, including not only paradigmatic moral virtues (e.g., kindness and generosity) but also epistemic virtues (e.g., intelligence, creativity, curiosity, and wisdom). 
	Prospective obituaries for friends and family members were compared with an eye to the virtues of benevolence and loyalty. Terms such as ‘compassionate,’ ‘generous,’ ‘giving,’ and ‘loving’ were coded as benevolence traits while terms such as ‘dedicated,’ ‘loyal’ and ‘thoughtful’ were coded as loyalty traits. Our expectations were wrong. Loyalty was highlighted slightly more in descriptions of friends (13% vs. 11% of all words used in each condition condition), and benevolence was highlighted significantly more in describing family members (40% vs. 33%). 
	Finally, we compared responses in the Self-Expected and Self-Hoped conditions with the anticipation of finding that hopeful hypothetical obituaries would be more uniformly positive. Terms were categorized as virtues, vices, affiliations, or neutral. Traits were categorized as virtues or vices just in case they would be judged as virtues or vices almost unanimously. “Affiliation” terms included social roles (e.g., friend, mother), hobbies (e.g., artist, writer), and affiliations (e.g., Christian). All of these terms were probably viewed positively by our participants, but they were separated from the virtues to give a more impartial analysis. Neutral terms (e.g., decent, silent, stubborn) may have been intended by their authors as virtues but were categorized as neutral because, we believe, one could reasonably see these as vices. The results do not show any marked difference between hopeful and expected hypothetical obituaries. In each condition, less than one percent of terms were neutral or vices. However, expected obituaries did include more affiliation or hobby-related traits (15% in expected vs. 11% in hopeful), perhaps suggesting that idealized obituaries focus more on paradigmatic virtues. The lesson to learn is that the contents of obituaries are expected to be uniformly positive, and that our participants share the norm of only speaking well of the dead. 







Discussion

An advantage of drawing from actual obituaries is that we avoid the possibility of obituary writers’ being influenced by researcher expectations and the distorting influence of survey participants’ apathy, carelessness, or desire to give witty responses. While a small number of our Mturk responders included (presumably) insincere virtues such as “shaman,” “pirate,” and “blah”, almost all participants seemed to take their work seriously. From this study we learn that the traits typically identified in actual obituaries mirror the constellation of virtues provided by living participants to describe themselves and their loved ones, and that what we hope people will say about us postmortem resembles what we expect them to say. Both observations provide further support for relying on obituaries as a measure of individual and communal values, and that the virtues ascribed to the recently deceased are also treated as virtues of the living, both young and old. 

General Discussion and Future Directions
The methods used in the present studies could easily be extended to consider other public records of value. Using online tools such as Lexis Advance, one could scour newspapers or court opinions for specific terms. One could then visualize a term’s position in the larger semantic network, and, using sentiment analysis, identify the relative positive or negative valence surrounding the term. Alternatively, researchers could analyze large collections of text from social media sites such as Twitter and Facebook to identify general trends in positive or negative trait-ascriptions, though “#RIP” and related Twitter searches did not produce useful results. Unlike obituaries, these data will certainly include large proportions of negative judgments, but tools such as sentiment analysis could help in distinguishing positive, negative, and neutral descriptions.[endnoteRef:8]  [8:  The work of Diesner et al. (2014) in analyzing the impact of social justice documentaries is especially useful for seeing how the tools of web data-mining and network analysis could be used for social marketing. ] 

Obituaries aim to broadcast to readers facts about the deceased and to convey intimate, summative portraits. Nonetheless, it is worth consideration that, especially for obituaries authored by friends and family with the intent to publish in a local newspaper, the work of “morality mining” (Christen et al. 2013) could be interpreted as intrusive. Such concerns are especially salient when researchers are neither members of authors’ local communities (as in the non-Eugene samples in Study 1) nor manually reading and interpreting each obituary as a document of a once-living person (as in Study 3). Aggregating public records that were likely originally intended by their authors to be read singly, while legally unproblematic, could be ethically suspect if authors feel that their words are being taken out of context or used for purposes that they did not intend and to which they were not afforded an opportunity to consent.[endnoteRef:9] [9:  For a recent study that caused the kind of uproar we envision, see Kramer et al. (2014).] 

	The potential for this type of emotional reaction reveals an ethical weight associated with this class of data, and also points to the value of intent in interacting with these records. This ethical weight indicates the value of these data for research and marketing undertaken with the intent of promoting the social good. It is striking, for example, that religion, personal relations, and community service are emphasized in four geographically and culturally distinct cities. For professionally-commissioned obituaries such as many in The New York Times (study 2), we saw a very different set of values expressed, with virtues such as being a loving father taking a backseat to leadership qualities such as charisma and entrepreneurial ambition.[endnoteRef:10] Although this type of research could be undertaken to manipulate a ritual of public grieving into an abstract data-generating mechanism divorced from its original context, those wishing to understand the moral language of local communities, especially to perform value-relevant work within or translating across those author communities, may find valuable insight in this approach. [10:  The NYT obituary for Yvonne Brill is a good case study for this difference between local and big paper obituaries. Brill’s obituary originally began with this sentence: “She made a mean beef stroganoff, followed her husband from job to job and took eight years off from work to raise three children.” The author was criticized for leading with family values rather than professional accomplishments. The obituary was quickly changed to begin with “She was a brilliant rocket scientist,” and no later mention of beef stroganoff. ] 

	There are several enticing prospects for applying this research beyond straightforward social marketing. First, if researchers could acquire a comprehensive dataset of obituaries from the Anglophone world, they could compare and contrast values across international geographic lines (e.g., the United States vs. Scotland vs. Singapore vs. New Zealand). Such research could be useful to international negotiators. Second, software developers could team up with clinical psychologists and psychiatrists to develop a smartphone or tablet app that guided someone through the Acceptance and Commitment Therapy obituary intervention mentioned above. This could help to partially automate psychological therapy. Finally, software developers could team up with geographers to develop a map of the Anglophone world’s values that could be used by people deciding where to live, somewhat like the www.walkscore.com mapping software.



References
Andreason, A. & Kotler, P. (2008). Strategic Marketing for Non-Profit Organizations, 7th edition. Upper Saddle River, NJ: Prentice Hall.
Aristotle. (2000). Nicomachean Ethics. Trans. R. Crisp. Cambridge University Press.
Christen, M., Alfano, M., Bangerter, E., & Lapsley, D. (2013). Ethical issues of ‘morality mining’: When the moral identity of individuals becomes a focus of data-mining. In H. Rahman & I. Ramos (eds.), Ethical Data Mining Applications for Socio-Economic Development. 1-21. IGI Global.
Christen, M., Robinson, B., & Alfano, M. (2014). The semantic neighborhood of intellectual humility. In A. Herzig & E. Lorini (eds.), Proceedings of the European Conference on Social Intelligence, 40-9.
Diesner, J., Pak, S., Kim, J., Soltani, K., & Aleyasen, A. (2014). Computational assessment of the impact of social justice documentaries. In iConference 2014 Proceedings. 462-483. iSchools. 
Graham, J., Haidt, J., & Nosek, B. (2009). Liberals and conservatives rely on different sets of moral foundations. Journal of Personality and Social Psychology, 96(5): 1029-46.
Graham, J., Nosek, B., Haidt, J., Iyer, R., Koleva, S., & Ditto, P. (2011). Mapping the moral domain. Journal of Personality and Social Psychology, 101(2): 366-85.
Haidt, J., & Joseph, C. (2004). Intuitive ethics: How innately prepared intuitions generate culturally variable virtues. Daedalus, Fall, 55-66.
Hayes, S., Strosahl, K., Wilson, K. (2011). Acceptance and Commitment Therapy: The Process and Practice of Mindful Change. Guilford Press.
Kahle, L., Beatty, S., & Homer, P. (1986). Alternative measurement approaches to consumer values: The list of values (LOV) and values and life style (VALS). Journal of Consumer Research, 12(1): 405-9.
Kotler, P. & Zaltman, G. (1971). Social marketing: An approach to planned social change. Journal of Marketing, 35(3): 3-12.
Kramer, A., Guillory, J., & Hancock, J. (2014). Experimental evidence of massive-scale emotional contagion through social networks. Proceedings of the National Academy of Sciences, 111(24): 8788-8790.
Mill, J. S. (1861/1998). Utilitarianism, edited with an introduction by Roger Crisp. New York: Oxford University Press.
Reynolds, T. & Olson, J. (2001). Understanding Consumer Decision Making: The Means-End Approach to Marketing and Advertising Strategy. Lawrence Erlbaum Associates.
Rokeach, M. (1973). The Nature of Human Values. New York: The Free Press.
Saucier, G. (2009). Recurrent personality dimensions in inclusive lexical studies: indications for a big six structure. Journal of Personality, 77(5): 1577–1614.
Schwartz, S. (1992). Universals in the content and structure of values: Theoretical advances and empirical tests in 20 countries. In M. Zanna (ed.), Advances in Experimental Social Psychology (v. 25, pp. 1-65). New York: Academic Press.
Zagzebski, L. (1996). Virtues of the Mind. Cambridge: Cambridge University Press.



Notes


27

image2.png
generous
nurse e
Y /carlng devoted

/

volunteer- / « ~ . /sports fam
N-xnature-lovery

unlon member)y | Iov|ng\

helpful Veteran adventurous faithful.

farmer— M\ II//Mteache %k\:ngharmg
friend

X\\\\»marksman zesty

travelerﬁﬂr‘t;St /
/
musiman/ respectful///
complex




image3.jpeg
leaderfteache A





image4.png
strong-willed police officer

triot
frank/ talented ,\ perio
coach Vo lovely
helping ful
civil rights advocate mUS|C|an suppertive gre/lse u
Wthlete / ‘ organ donor affirming
/ civic-minded
enirepreneuy ’ 77
crafts veteran b|g he,art,ed‘ ! “positive

J/union memberf¥RS
dancer=Z X[ 30kY W

/casino-goers —HXT

nature Iove 'd"u‘

7 .
encouraging

Q
R\ "?A k\ vin

o \ % L
7 "l' C erls e \

treasure hunter

.¢‘\‘_.¢ 4<
leader A \ } ' \ //
curious gentle R teache ,!!\. devoted

knowledgeable ﬂ wise///
generous

adventurous \l
\ .~
THORN

kindH-/>Q\altruistic

\\|[/admirable
conscientious





image5.png
sharing

writer
welcoming
kind treasure hunter
veteran
altruistic //9€N8rous= y ey
charming
admirable helpful
conscientious giving
Christian-Scientist e )
remarkable _-teacher B 14 politician sharp supportive
. musician volunteer encouraging positive
passionate \ i
artist _7_one-of-a-kind lovel
o faithful : y
civil rights-advocate friend entrepreneur, caring g
i i _ affirming ;
nature-lover cherished SHyver
bright [
happy g dedicated oving tough
coach

adventurous f -
amily

rts-f k 1cti
spon athlete Vi crafts ChrIStlan

union member doctor
frank — patriot > Iavid danc:r:er Gl
strong-willed raveiler 9 hard-working . zesty
Ll |casino-goer
compassionate curious knowledgeable
thankful
friendl nurse i
y leader honest helping

sweet-tempered

humorous spirited
endearing
empathic engaging
extroverted lively
bartender fascinating
gentle
observative

wise




image6.png
organ donor

marksman
complex
respectful artist wise
guiding
f joyous scholar
helpful lovingGvic-minded 7i./|  humorous
Erefidht (I?]IV_Il rights-advocate
cheerful P S e atde ™ atheist patriarch
hopeful coach patrioteand

: .o -talented
faithfl - Christian big-hearted traVelermusiciah

veteran caring

generous ' casino-goer entrepreneurf s
amil

gentlemanly /union member
self-taught

integrity natu re_lover doctor

police officer determined
volunteer_—gicnqy devoted
charitable teacher compassionate
chef happy/ | adventurous hard-working

kind—gports fan™ s |cte

pastor
Mormon

cook

knowledgeable
thoughtful gentle
quiet

humble studious

self-deprecating




image7.png
volatile
frightening
memorable temperamental
mercurial  driven cook
fanatical
high-strung bold

collector

. intense
rigorous mystical
. - chaste tinerant unambiguous brilliant
Inventive Iankyl ineran focused  quiet
intellectual hindu otherworldly heretic ~ open
monk self-taught con man consistent
H rivate  tend soothsayer inspiring influential
*Passionate* p ender relentless distinciive

FRANK ATHEIST contemplative genial prophet lunatic graceful

UNINHIBITED FIERY dyspeptic impeccable

SELF-INTERESTED HONEST christian subtle imaginative
CAVALIER STEELY narcissist
N A A gk o £
UNCONVENTIONAL Visionary Artist Entrepreneur talented  oquacious
MATTER-OF-FACT CURMUDGEONLY philanthropist generous *Professor* buoyant
SKEPTICAL ) determined i~ * * lati
*Outspoken* jioéral musician 7 *Teacher speculafive

humanist communitarian ]
optimistic mentor prolific *Rescarcher

H H * «
*Feminist* environmentalist traveler designer sweetMOdeSt

SELF-ABSORBED

monumental

psychiatrist distinguished
opinionated incisive
*Creative* succint awkward
lean i guarded
olite

offensive J 4
avant-garde  tasteless ~ EGALITARIAN  Jewish

i . Z
7 neuwotic  FEARLESS LEFT.WiNG ~Fioneer * H onore d X
infantile scabrous SPECIAL refined

obscene thlete polit

UNPARALLELED A th a communicative
vituperafive compulsive P u O r progresswe/ patriot t e *coach big “Humble™  sojq

shocking P \vﬂ / Ambitious extraordinary

COMBATIVE “Hard-working* *Actor* smooth-striding
*Civil Rights' Advocate* Leader N7 :

admired *Acclaimed*
(

-~ —— PHENOMENAL
Communist — . veteran PERFECTIONIST  CONNOISSEUR

* * list S, SN
Humorous Joumal ST T 2onscientious INNOVATIVE
peace movement alcoholic *Original*

political charismatic *Friend*  raffish fan  *Difficult* _
*Capable* *Politician* . heII-raisgr _ . *REC|USIVE*_
*Moral* forgiving black . Imaft responsive k'_nd hlgh-splrlted casino-goer
skilled sharp erratic  dashing
hammy prickly
mannered

*Doctor*

impish confident
compromising *Aristocratic* hero

d
stubborn prou strong et

autocratic opportunistic direct
. : . adept Irec
audacious ~ forebearing casual ~ charming ® \nformal

dignity proselytizer peacemaker
self-controlled careless shrewd genius skillful fair
vain willful doer scrupulous. powerful
authority eloquent | calm lawyer
statesman  impatient negotiator

magnanimous scornful
revered

patriarch

brutal fixer

trusted unapologetic

agent
roguish feared
- ruthless
winning

aggressive




image8.png




image1.png
bartender

extroverted

nurse
humorous
honest observative
spaee faithful sharp
pastor
wise
hard-working I i generous
oving coach
firefighter patriarch spirited sweet-tempered
(jgaded Sefit compassionate
guiding thankful

entle ; = SN

g kind fa m I YCh rlstlan friendly
determined giving
quiet o
" Ducks fan oyous  friend
veteran helpful |
carin
nature-lover :
gentlemanly
charming bright hopeful
thoughtful i foster U
9 Mormon Rt integrity adventurous musician
self-deprecating cheerful
studious
traveler happy
entrepreneur VOI u ntee r
It ht
athlete SR U Christian Scientist
charitable
atheist reporter
chef politician teacher
police officer passionate
creative
civil rights advocate
scholar remarkable

artist




