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“– My family’s fishing legacy is the epitome of talent, to the point 

that we are revered as “king.” Only today did I learn that, 

apparently, the whole family has been catching fish illegally.” 

 

—In “Family Legacy…”; The Kingfisher Story Collection (2022) 
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Abstract 

Rapid urbanization in Vietnam significantly impacts the environment and human well-

being. Public parks are crucial for enhancing social and environmental sustainability in 

urban areas, yet their establishment and expansion require substantial funding. This 

study investigates the factors influencing Vietnamese urban residents’ willingness to 

donate to planting projects in public parks, utilizing the Bayesian Mindsponge Framework 

(BMF), which combines Mindsponge Theory’s informational entropy-based notion of 

value with Bayesian analysis. Analyzing data from 535 residents in major Vietnamese 

cities, we found that while men visit public parks more frequently, they are less willing to 

donate to planting projects. Older residents visit parks more often and are more willing to 

donate, while higher-income individuals show greater willingness to donate. Most 

motivations—such as relaxation, physical activities, nature enjoyment, socializing, and 

family time—are positively linked to park visit frequency and indirectly to donation 

willingness. However, only relaxation and enjoyment of nature are directly associated with 

willingness to donate. Interestingly, higher education levels and visiting parks for 

children’s educational activities are associated with lower donation willingness. These 

findings hint at the possible existence of the free-riding problem, gender inequality, 

ineffective environmental education, and lack of awareness of public parks’ natural 

value, as well as opportunities to cultivate an eco-surplus culture through nature 

interactions in public parks. 

Keywords: human-nature nexus; education; motivation; visit frequency; finance; granular 

interactions thinking; eco-surplus culture 

 

1. Introduction 

Rapid urbanization is one of the most intense human activities that has a profound 

impact on global biodiversity and human well-being. The expansion of urban areas has 

disrupted natural habitats, degraded ecosystems, altered ecological processes, and can 

lead to local and global extinctions (Li et al., 2022; McDonald et al., 2020; Seto et al., 

2012). Rapid and unplanned urbanization also cause severe disparities in society and a 

range of public health risks, including air and water pollution, spreading of disease, 

increased risk of natural disasters, and potential shortages of water and other vital 

resources (Elmqvist et al., 2016; Trivedi et al., 2008). 

As one of the fastest-urbanizing countries in Southeast Asia, Vietnam is facing many 

challenges (Ouyang et al., 2016). Spurred by economic reforms initiated in 1986 known 

as Doi Moi, the country’s urban population has increased dramatically, from 19.2% in 

1986 to 37.3% in 2020, and is anticipated to surpass 50% by 2040 (World Bank, 2021; 

Yeung, 2007). Ho Chi Minh City and Hanoi, with populations exceeding 9 million and 8 

million, respectively, are key drivers of this trend (General Statistics Office of Vietnam, 

2021). As a result of this rapid growth, problems in the infrastructure, social services, 

and environment have become more challenging (Fan et al., 2019). To address these 

issues, Vietnam has implemented several initiatives such as the “National Urban 

Development Program” and “National Green Growth Strategy,” which emphasize the 



3 
 

importance and necessary of public parks for its citizen’s health and for the sustainable 

development of the cities (Government of Vietnam, 2022; World Bank, 2014). 

Public parks provide important ecological, social, environmental, and cultural benefits. 

They act as refuges for diverse plant and animal species while providing various 

ecosystem services important to urban landscapes, such as air purification and 

temperature regulation (Mexia et al., 2018). Public parks also provide residents with 

opportunities for exercising, relaxation, social connection, education, and recreation, 

which improves residents’ physical and mental well-being (Muhamad Nor et al., 2021). 

According to M.-H. Nguyen and T. E. Jones (2022) and Nguyen, Nguyen, et al. (2023), 

parks and green spaces play a vital role in fostering “eco-surplus culture,” promoting a 

societal mindset valuing environmental conservation. When such a culture is formed, 

urban residents will be more conscious about environmental issues and willing to 

contribute to conservation programs (M.-H. Nguyen & T. E. Jones, 2022; Nguyen, Le, et 

al., 2023; Nguyen, Nguyen, et al., 2023). 

Despite their importance, public parks in Vietnam still face many challenges, such as 

lack of enforcement of planning regulations, insufficient funding, inadequate 

maintenance, and increasing pressure from population growth. These issues resulted in 

a decrease in the quality and extent of public parks (Labbé, 2021; Leducq & Scarwell, 

2018). For instance, in Hanoi, due to financial constraints and overcrowding in the 

existing parks, sidewalks become the only accessible public spaces for the citizens 

(Labbé, 2021). Similarly, due to poor maintenance, amenities, and lack of monitoring in 

Ho Chi Minh City, urban parks become breeding grounds for disease vectors through the 

transmission of mosquitos thriving among overgrown grass and litter. At night, these 

areas are also vulnerable to crime, drug use, and vandalism (Do et al., 2019; Leducq & 

Scarwell, 2018). In an urban environment where cities are continuing to grow and 

urbanize, maintaining and developing green spaces that allow people to reconnect with 

nature is more vital than ever. It is, therefore, imperative to understand urban citizens’ 

motivations, frequency of visits, and willingness to donate to public parks (Mexia et al., 

2018). 

Previous studies have shown that motivations for park usage and the frequency of 

visitation vary across different cultures and populations (Chiesura, 2004; Lo & Jim, 

2010). Influential factors included demographic information, socioeconomic status, 

accessibility, beliefs, and personal perspective (Fontán-Vela et al., 2021; Lin et al., 2014; 

Zhan et al., 2021). The willingness to donate to public parks was found to be associated 

with factors like income, education, park use frequency, and natural orientation (Hoyos et 

al., 2015; Lo & Jim, 2010). While previous studies have analyzed various factors affecting 

park visitation and willingness to donate, there is a growing recognition that traditional 

economic models are insufficient to determine respondents’ behaviors (Cooper et al., 

2004; Lo & Jim, 2010). The reason can be public goods like parks are often difficult to 

value monetarily since the public lacks experience or information on their value. Thus, 

when faced with the willingness to pay questions, people tend to make decisions based 

on intuitive feelings, personal values, and emotions rather than purely economic 

considerations (Ajzen & Driver, 1992). 
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Furthermore, there have been few empirical investigations of public park visiting 

motivation and donation willingness in developing countries, especially Vietnam (Khuc et 

al., 2024). To address this gap, in this study, we applied the Mindsponge theory (Vuong, 

2023; Vuong & Nguyen, 2024c) to examine urban residents’ socio-demographic 

characteristics in terms of their motivations, visitation frequency, and willingness to 

donate to public parks. Mindsponge theory can help explain a phenomenon by illustrating 

how psychological factors are integrated into an individual’s decision-making process. 

This theory also allows us to explore how various factors are “absorbed” or “filtered out” 

in decision-making, potentially influencing human behaviors. It also potentially helps 

uncover unexplored barriers to park use and support.  

In this study, we collected data from 535 urban residents across Vietnam (mainly from 

two urban centers, Hanoi and Ho Chi Minh) to answer the following research questions: 

1. How are urban residents’ socio-demographic factors associated with their 

frequency of visiting public parks? 

2. How are urban residents’ motivations for visiting public parks associated with 

their frequency of visiting public parks? 

3. How are urban residents’ socio-demographic factors associated with their 

willingness to donate to public parks? 

4. How are urban residents’ motivations for visiting public parks associated with 

their willingness to donate to public parks? 

By identifying the key drivers influencing public park usage and donation behavior, we 

aim to inform targeted interventions to improve park usage, maintenance, and 

development. These findings also aim to support sustainable urban development and 

eco-surplus culture, aligning with UN Sustainable Development Goals (UN, 2015). While 

drawing lessons from Vietnam’s context, our study has the potential to benefit other 

developing countries facing similar urbanization challenges.  

2. Methodology 

2.1. Theoretical foundation 

2.1.1. Mindsponge theory and the informational entropy-based notion of value 

The Mindsponge Theory (MT) played a pivotal role in the study's conception, providing the 

foundation for constructing parsimonious models and reinforcing the scientific reasoning 

behind the findings (Vuong, 2023). In studies of environmental and conservation 

psychology, MT has been applied to examine the psychological mechanism underlying 

the interactions between humans and nature (Asamoah et al., 2024; Huang et al., 2023; 

Jiang et al., 2022; Nguyen et al., 2024; M.-H. Nguyen & T. E. Jones, 2022; Nguyen, Le, et 

al., 2023; M. H. Nguyen & T. E. Jones, 2022). Thus, the theory is expected to effectively 

explain the associations between motivation to visit public parks, visiting frequency, and 

willingness to donate to planting projects. 

MT considers the mind and the environment as two main spectrums (Vuong, 2023). The 

mind is viewed as an information collection-cum-processor, with the environment serving 

https://sdgs.un.org/2030agenda
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as a broader information-processing system. The mind’s primary objective is to ensure 

the continued existence of the system, whether through survival, growth, or reproduction. 

The mindset, the comfort zone, and a complex multi-filtering system constitute the mind. 

The mindset comprises core values, while the comfort zone serves as a temporary 

holding area for information for later evaluation process. The multi-filtering system 

comprises the trust evaluation and subjective cost-benefit judgments (Mantello et al., 

2023; Vuong & Napier, 2015), which help determine which information to absorb into the 

mindset, leave in the buffer zone, or discard out of mind. The mindset, or the set of core 

values, is the primary benchmark for the multi-filtering system to operate, which 

subsequently influences the perceptions, thinking, and behaviors of the individual. 

Recently, Mindsponge Theory has been developed further by drawing on the granular 

worldview of quantum mechanics (Rovelli, 2018) and Shannon’s information theory 

(Shannon, 1948). The upgraded theory suggests that the operation of the mind can be 

explained by the informational entropy-based notion of value (Vuong & Nguyen, 2024c). 

Specifically, values are formed through the granular interactions within the mind (Vuong 

& Nguyen, 2024a). During the interaction process, the mind spends energy on 

evaluating, distinguishing, comparing, and combining both pre-existing and newly 

absorbed information units to generate insights that are beneficial for prolonging the 

existence of the mind, that is, values. Values can be seen as units of information, but not 

the basic information units absorbed directly through sensory systems (e.g., smell, color, 

size, or shape, etc.). Instead, they are synthetic, formed through the interaction and 

integration of various types of information. It should be noted that information units are 

defined by Shannon as potential alternatives. 

Shannon suggests that the entropy (uncertainty or missing information) will rise as the 

number of information units (i.e., grains of information) increases. Then, the entropy 

within the mind can be calculated following Shannon’s (1948) formula: 

𝐻(𝑋) = − ∑ 𝑃(𝑥𝑖) log2 𝑃(𝑥𝑖)

𝑛

𝑖=1

 

𝐻(𝑋) is the informational entropy of a mind 𝑋 with information units {𝑥1, 𝑥2, … , 𝑥𝑛} and 

corresponding probabilities {𝑃(𝑥1), 𝑃(𝑥2), … , 𝑃(𝑥𝑛)}. 𝑃(𝑥𝑖) is the probability that the 

information unit 𝑥𝑖 would be stored and processed by the mind. 𝑖 is the number of 

information units within the mind. When the quantity of information units grows without 

clear differentiation and prioritization, informational entropy increases rapidly. It peaks 

when all units of information are treated as equally important, specifically when 𝑃(𝑥𝑖) =
1

𝑛
. Quantum physics tells us that all physical systems have inherent limits, and humans 

are no exception. As the mind stores and processes more information, the chances of 

that information being lost or forgotten increase. Thus,  the informational entropy-based 

notion of value suggests that values are formed through granular interactions thinking to 

assign higher probability to important information units and reduce the risk of 

information loss. 
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2.1.2. Proposed assumptions 

In this study, we can consider visiting public parks and donating to planting projects in 

public parks as two information units. If these two information units are processed within 

the mind, the individual would be more likely to visit public parks and donate to planting 

projects. For these two information units to have a higher probability of being stored and 

processed, they need to be deemed valuable. In other words, their interactions with other 

existing or newly absorbed information in the mind need to generate potential 

alternatives, or perceived values, that can help the mind prolong its existence. Such 

perceived values can be deemed motives.   

According to self‐determination theory, one of the most prominent theories on 

motivations, there are three types of motivations: amotivation, extrinsic motivation, and 

intrinsic motivation (Cook & Artino Jr, 2016; Deci & Ryan, 2000). Amotivation refers to 

the condition in which either inaction or actions are taken without genuine intent or 

purpose, while intrinsic motivation arises entirely from within, driven by personal values, 

curiosity, or the sheer enjoyment of the task. For a person’s amotivation to become 

intrinsic motivation, it needs to go through the cognitive regulation processes (i.e., 

external regulation, introjected regulation, identified regulation, and integrated 

regulation) (Cook & Artino Jr, 2016; Ryan & Deci, 2020). The regulation processes help 

internalize and integrate unmotivated things and turn them into extrinsic motivation and 

then intrinsic motivation. Extrinsic motivation refers to the condition in which the 

individual acts because of external reasons (e.g., social values) rather than their inherent 

satisfactions or values (Ryan & Deci, 2000, 2020).  

This mechanism of motivation can be elaborated by the informational entropy-based 

notion of value (Vuong & Nguyen, 2024c). In particular, amotivation toward a thing can be 

seen as an outcome of the mind’s information processing, in which the information units 

of the given thing do not interact or create insights after interacting with core values 

within the mind. Extrinsic motivations toward a thing emerge when newly absorbed 

interact with core values within the mind and create synthetic information units that are 

valuable to the mind (i.e., the “self” in the self-determination theory). Such synthetic 

information units have different levels of importance, depending on the core values with 

which the newly absorbed information interacts, the length of interaction, or the intensity 

of the interactions, etc. When an information unit becomes highly important to the mind, 

it will be deemed a core value and, subsequently, become an intrinsic motive. 

In the context of public park visitation, there can be many types of reasons. They can 

range from the individual’s perceived values provided by the parks (e.g., opportunities for 

exercising, relaxation, social connection, education, and recreation) to perceived values 

not related to the parks (e.g., compulsory school activities, social pressure to attend an 

activity in the park). A study on the urban Chinese population found that physical exercise 

and rest-relaxation motives were the most reported reasons behind the act of visiting a 

public park (Liu et al., 2017). In addition, contact with nature, meeting friends, relieving 

stress, previous positive experiences, and overall physical and mental benefits were also 

popular motives for public park visitation in China (Ma et al., 2022; Shan, 2014; Wang et 

al., 2021; Zhan et al., 2021). Individuals tend to have different motivations for going to 
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public parks. When the individual’s motivations derive more from perceived values 

provided by the parks than values not related to the parks, they would be more likely to 

visit the park (i.e., visit the park more frequently) and more willing to contribute to 

improving the park (i.e., donate to planting projects) to maximize their perceived values, 

and vice versa. Based on this reasoning, we expect that public park visitation motivations 

would generally be positively associated with their frequency of visiting public parks and 

donation willingness. 

When visiting the public park, an individual will have a chance to directly interact with 

information provided by the park through experiences, which can lead to the emergence 

of values within their minds (e.g., improvement of mental and physical health). People 

visiting the park more frequently would have more opportunities to experience it, and 

thus, they are expected to perceive the intrinsic values (i.e., information provided by the 

parks and their constituents, like trees, animals, and biodiversity level) of the park. When 

such intrinsic values are processed within the individual’s mind, they would be more 

likely to influence their subsequent thinking to maximize the benefit, i.e., planting more 

trees in public parks. Therefore, we expect that the frequency of visits to public parks can 

be a mediator between the motivation to visit the park and the willingness to donate. 

2.2. Model Construction 

2.2.1. Dataset and selected variables 

This study utilized a dataset of 535 urban residents from 35 cities across Vietnam, with 

the majority residing in Ho Chi Minh City (n = 347, accounting for 64.86%) and Hanoi 

Capital City (n = 107, accounting for 20%) (Nguyen, 2021). The dataset, which was peer-

reviewed by two referees before being published in Data Intelligence, captures urban 

residents’ multifaceted perceptions of biodiversity–human interactions in Vietnam. It is 

structured into six major categories: 1) wildlife product consumption, 2) general 

biodiversity perceptions, 3) biodiversity in home and neighborhood settings, 4) public 

park visitation and motivations, 5) national park visitation and motivations, and 6) socio-

demographic profiles (Nguyen, 2021). For the purpose of this study, 13 variables in the 

fourth and sixth categories were retrieved and used in the current study’s data analysis. 

Data collection was conducted using a questionnaire designed based on interviews with 

38 urban residents in Hanoi Capital City and Ho Chi Minh City between November 15 and 

December 26, 2020. The sample selection criteria aimed to include diverse demographic 

backgrounds to ensure a broad range of inputs. Interviews were concluded when no new 

information was achieved (i.e. when the theoretical saturation was reached) (Cresswell & 

Poth, 2018). 

After the questionnaire was designed, data collection was conducted online using Google 

Forms. The sample consisted of Vietnamese urban residents contacted through non-

discriminative snowball sampling. This method began with participants from the 

researchers’ personal networks, who were then asked to share the questionnaire with 

friends or relatives. These new participants were similarly encouraged to distribute the 

questionnaire further within urban areas. Despite the snowball sampling method, efforts 
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were made to ensure diversity in origin, gender, age, and educational levels to minimize 

potential biases. Sampling was concluded when no new referrals were received. 

Sample size standards were followed to determine the minimum benchmark for data 

collection. VanVoorhis and Morgan (2007) suggest that a reasonable sample size for 

regression analysis is around 50. Green (1991) recommends that the sample size should 

be calculated based on the formula 𝑁 >  50 +  8 × 𝑚 (where 𝑚 is the number of 

independent/predictor variables) for multiple regression testing. For this study, which 

involves 12 predictor variables (four socio-demographic variables, seven reflecting public 

park visitation motives, and one reflecting visitation frequency), the minimum required 

sample size was 216. Given that the dataset’s sample size is 535, it meets and exceeds 

these standards, making it adequate for data analysis. 

Although no ethical review board examined the survey protocol (as this is not mandatory 

for social research), ethical standards were upheld. Respondents were encouraged to 

read an online consent form outlining the study’s aims, required data, and confidentiality 

measures on the first page of the Google Forms survey. Only after consenting were they 

allowed to proceed to the questionnaire, where they provided personal information and 

perspectives on biodiversity–human interactions in urban Vietnam. 

A total of 581 responses were collected between June 18 and August 8, 2021. To ensure 

high-quality data, a four-step quality check was conducted. First, responses were filtered 

to exclude those from non-urban residents (n = 27). Second, respondents under 18 years 

old were excluded (n = 13). Third, duplicate responses were removed by checking email 

addresses (n = 3). Fourth, responses exhibiting patterned answers on the Likert scale or 

selecting all options on checkbox questions were excluded (n = 3). Ultimately, 535 valid 

responses were encoded and saved in a comma-separated values (CSV) format in the 

published dataset. Table 1 below details the demographic characteristics of these 535 

respondents. 

Table 1: Socio-demographic characteristics of respondents (n = 535) 

Characteristics Frequency (F) Percentage (%) 

Gender: 

1) Females 

2) Males 

 

312 

220 

 

57.08 

42.92 

Age (y.o.): 

1) 18-22 

2) 23-30 

3) 31-40 

4) 41-50 

5) 51-60 

6) >60 

 

120 

132 

140 

87 

36 

 

13.95 

21.36 

25.75 

17.37 

7.58 
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20 3.99 

Education: 

1) Primary school 

2) Secondary school 

3) High school 

4) Undergraduate 

5) Post-graduate 

 

1 

9 

70 

338 

117 

 

0.2 

1.8 

13.77 

61.68 

22.55 

Income (VND): 

1) No income 

2) <5 million 

3) 5-10 million  

4) 10-15 million  

5)  15-20 million 

6) 20-30 million 

7) >30 million 

 

22 

53 

107 

99 

40 

44 

40 

 

4.39 

10.58 

20.16 

15.37 

7.78 

9.38 

7.78 

The sample had a relatively balanced gender distribution, with 57.08% female and 

42.92% male respondents. Participants spanned various age ranges, with the highest 

proportion (64.48%) being between 23 and 50 years old. Most respondents had 

undergraduate (61.68%) or post-graduate (22.55%) education. Additionally, a significant 

portion of respondents (46.11%) reported a monthly income between 5-15 million VND 

(approximately $196-$589 at the current exchange rate). 

A more thorough description of the interview’s and survey collection’s design and results 

are available in the following study (Nguyen, 2022). 

In this study, we extracted 13 variables from the published dataset for the data analysis 

(see Table 2). To assess the socio-demographic factors of urban residents, we used the 

variables 𝑆𝑒𝑥, 𝐴𝑔𝑒, 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛, and 𝐼𝑛𝑐𝑜𝑚𝑒, which represent socio-demographic 

characteristics. These variables are represented by variables 𝐹1, 𝐹3, 𝐹5, and 𝐹7 in the 

original dataset, respectively. To measure motivations for public park visitation, we 

employed the variables Relaxation, PhysicalActivities, Friends, Family, 

EducationalActivities, EnjoyNature, and CommunityEvents, which capture individual 

reasons for visiting nearby public parks. These variables were generated from variable 

𝐷3 in the original dataset, which demonstrates the respondent's reasons for visiting the 

nearby public park. Respondents were provided with a range of options to select from. If 

an option is selected, it will be considered one of the respondent’s motivations to visit 

public parks. This approach made all variables related to respondents’ motivations binary 

variables.  
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The frequency of public park visits was measured using the variable 

PublicParkFrequency. In the original dataset, it was coded as variable 𝐷2. Lastly, the 

willingness to donate to public park projects was assessed using the variable 

PublicParkDonation, which was coded as variable 𝐷4 in the original dataset. Table 2 

below provides a detailed explanation of the studied variables. 

Table 2: Variable Description 

Variable Description Data type Value 

PublicParkFrequen 

The frequency of 

visiting nearby public 

parks 

Numerical 

1 = Never; 2 = 

Almost never; 3 = 

Sometimes; 4 = 

Almost every day; 5 

= Everyday 

 

Relaxation 

Reasons for going to 

public park (motives): 

Relaxation 

Binary 1 = Yes; 0 = No 

PhysicalActivities 

Reasons for going to 

public park (motives): 

Physical activities 

Binary 1 = Yes; 0 = No 

Friends 

Reasons for going to 

public park (motives): 

Meeting with friends 

Binary 1 = Yes; 0 = No 

Family 

Reasons for going to 

public park (motives): 

Spending time with 

family 

Binary 1 = Yes; 0 = No 

EducationalActivities 

Reasons for going to a 

public park (motives): 

Educational activities 

for children 

Binary 1 = Yes; 0 = No 

EnjoyNature 

Reasons for going to 

public park (motives): 

Enjoying nature 

Binary 1 = Yes; 0 = No 

CommunityEvents 

Reasons for going to a 

public park (motives): 

Community events 

Binary 1 = Yes; 0 = No 
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PublicParkDonation 

The willingness to 

donate to planting 

project in the nearby 

public park 

Numerical 

1 = Not at all; 2 = 

Not really; 3 = 

Willing; 4 = 

Very/fully willing 

Sex Biological sex Numerical 
0 = Female; 1 = 

Male 

Age Age group Numerical 

1 = 18 - 22; 2 = 23 

- 30; 3 = 31 - 40; 4 

= 41 - 50; 5 = 51 - 

60; 6 = More than 

60 

Education 
The highest 

educational level 
Numerical 

1 = Primary school; 

2 = Secondary 

school; 3 = 

Highschool; 4 = 

Undergraduate; 5 = 

Post-graduate 

Income Monthly income group Numerical 

1 = no income; 2 = 

less than 5 million 

VNĐ, 3 = 5 - 10 

million VNĐ; 4 = 11 

- 15 million VNĐ; 5 

= 16 - 20 million 

VNĐ; 6 = 21 - 30 

million VNĐ; 7 = 

More than 30 

million VNĐ 

 

2.2.2. Statistical Model 

To test our hypotheses, we constructed three different analytical models. The first model 

was developed to analyze the relationships between residents’ socio-demographic 

factors, motivations for visiting public parks, and the frequency of their visits. Model 1 is 

shown as follows:  

   𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛 ~ 𝑛𝑜𝑟𝑚𝑎𝑙(𝜇, 𝜎)  (1.1) 

𝜇𝑖 = 𝛽0 + 𝛽1 ∗ 𝑆𝑒𝑥𝑖 + 𝛽2 ∗ 𝐴𝑔𝑒𝑖 + 𝛽3 ∗ 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑖 + 𝛽4 ∗ 𝐼𝑛𝑐𝑜𝑚𝑒𝑖   + 𝛽5 ∗

𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛𝑖 + 𝛽6 ∗ 𝑃ℎ𝑦𝑠𝑖𝑐𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠𝑖 + 𝛽7 ∗ 𝐹𝑟𝑖𝑒𝑛𝑑𝑠𝑖 + 𝛽8 ∗

𝐹𝑎𝑚𝑖𝑙𝑦𝑖 + 𝛽9 ∗ 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠𝑖 + 𝛽10 ∗ 𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒𝑖 + 𝛽11 ∗

𝐶𝑜𝑚𝑚𝑢𝑛𝑖𝑡𝑦𝐸𝑣𝑒𝑛𝑡𝑠𝑖       (1.2) 
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    𝛽 ~ 𝑛𝑜𝑟𝑚𝑎𝑙(𝑀, 𝑆)     (1.3) 

The probability around 𝜇 is determined by the form of the normal distribution, whose 

width is specified by the standard deviation 𝜎. 𝜇𝑖 represents resident 𝑖’s frequency of 

visiting the nearby public park. The variables 𝑆𝑒𝑥𝑖, 𝐴𝑔𝑒𝑖, 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑖 , and 𝐼𝑛𝑐𝑜𝑚𝑒𝑖  

correspond to resident 𝑖’s gender, age group, highest formal education level, and monthly 

income group in VND, respectively. Additionally, 𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛𝑖 reflects whether resident 𝑖 

visits a public park for relaxation; 𝑃ℎ𝑦𝑠𝑖𝑐𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠𝑖 reflects whether resident 𝑖 visits a 

public park for physical activities; 𝐹𝑟𝑖𝑒𝑛𝑑𝑠𝑖 reflects whether resident 𝑖 visits a public park 

to meet friends; 𝐹𝑎𝑚𝑖𝑙𝑦𝑖 reflects whether resident 𝑖 visits a public park to spend time 

with family; 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠𝑖  reflects whether resident 𝑖 visits a public park to 

engage children with educational activities; 𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒𝑖 reflects whether resident 𝑖 

visits a public park to enjoy nature; and 𝐶𝑜𝑚𝑚𝑢𝑛𝑖𝑡𝑦𝐸𝑣𝑒𝑛𝑡𝑠𝑖 reflects whether resident 𝑖 

visit a public park to participate in community events. The model has an intercept of 𝛽0, 

coefficients of 𝛽1-𝛽11, and the standard deviation of the “noise”, 𝜎 (i.e., uncertainty or 

variability in the observed data that is not explained by the model). The coefficient values 

follow a normal distribution with a mean denoted by 𝑀 and a standard deviation denoted 

by 𝑆. 

The second model was developed to analyze the relationships between residents’ socio-

demographic factors, motivations for visiting public parks, and the willingness to donate 

to planting projects in the nearby public park. Model 2 is shown as follows:  

   𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐷𝑜𝑛𝑎𝑡𝑖𝑜𝑛 ~ 𝑛𝑜𝑟𝑚𝑎𝑙(𝜇, 𝜎)  (2.1) 

𝜇𝑖 = 𝛽0 + 𝛽1 ∗ 𝑆𝑒𝑥𝑖 + 𝛽2 ∗ 𝐴𝑔𝑒𝑖 + 𝛽3 ∗ 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑖 + 𝛽4 ∗ 𝐼𝑛𝑐𝑜𝑚𝑒𝑖   + 𝛽5 ∗

𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛𝑖 + 𝛽6 ∗ 𝑃ℎ𝑦𝑠𝑖𝑐𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠𝑖 + 𝛽7 ∗ 𝐹𝑟𝑖𝑒𝑛𝑑𝑠𝑖 + 𝛽8 ∗

𝐹𝑎𝑚𝑖𝑙𝑦𝑖 + 𝛽9 ∗ 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠𝑖 + 𝛽10 ∗ 𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒𝑖 + 𝛽11 ∗

𝐶𝑜𝑚𝑚𝑢𝑛𝑖𝑡𝑦𝐸𝑣𝑒𝑛𝑡𝑠𝑖       (2.2) 

    𝛽 ~ 𝑛𝑜𝑟𝑚𝑎𝑙(𝑀, 𝑆)     (2.3) 

In Model 2, 𝜇𝑖 represents resident 𝑖’s willingness to donate to a planting project in the 

nearby public park, while the predictor variables remain similar to Model 1. 

The third model was constructed to examine whether there is a direct relationship 

between residents’ frequency of visiting public parks and their donation willingness, as 

well as indirect relationships involving socio-demographic factors, motivations for visiting 

public parks, and donation willingness. Thus, the predictor variable 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛𝑖 

was added to Model 2 to create Model 3. Model 3 is demonstrated as follows:  

   𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐷𝑜𝑛𝑎𝑡𝑖𝑜𝑛 ~ 𝑛𝑜𝑟𝑚𝑎𝑙(𝜇, 𝜎)  (3.1) 

𝜇𝑖 = 𝛽0 + 𝛽1 ∗ 𝑆𝑒𝑥𝑖 + 𝛽2 ∗ 𝐴𝑔𝑒𝑖 + 𝛽3 ∗ 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑖 + 𝛽4 ∗ 𝐼𝑛𝑐𝑜𝑚𝑒𝑖   + 𝛽5 ∗

𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛𝑖 + 𝛽6 ∗ 𝑃ℎ𝑦𝑠𝑖𝑐𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠𝑖 + 𝛽7 ∗ 𝐹𝑟𝑖𝑒𝑛𝑑𝑠𝑖 + 𝛽8 ∗

𝐹𝑎𝑚𝑖𝑙𝑦𝑖 + 𝛽9 ∗ 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠𝑖 + 𝛽10 ∗ 𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒𝑖 + 𝛽11 ∗

𝐶𝑜𝑚𝑚𝑢𝑛𝑖𝑡𝑦𝐸𝑣𝑒𝑛𝑡𝑠𝑖  + 𝛽12 ∗ 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛𝑖   (3.2) 

    𝛽 ~ 𝑛𝑜𝑟𝑚𝑎𝑙(𝑀, 𝑆)     (3.3) 
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If the coefficient of 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛𝑖 in this model is significant and reliable, it is 

plausible to say that any socio-demographic factors and motivations for visiting public 

parks that have a direct relationship with the frequency of visiting public parks will also 

have an indirect relationship with the donation willingness. 

2.3. Analysis and Validation 

The Bayesian Mindsponge Framework (BMF) analytics was employed in this study for 

several key reasons (Nguyen et al., 2022; Vuong et al., 2022). First, the method 

integrates the logical reasoning capabilities of Mindsponge Theory with the inferential 

strengths of Bayesian analysis, as these two approaches are highly compatible in 

exploring socio-psychological issues (Nguyen et al., 2022). Second, Bayesian inference 

treats all properties, both known and unknown, probabilistically (Csilléry et al., 2010; Gill, 

2014), enabling the reliable prediction of parsimonious models with small data at hand. 

Despite its simplicity, the Markov chain Monte Carlo (MCMC) technique can also allow 

Bayesian analysis to handle complex models, including multilevel and nonlinear 

regression frameworks (Dunson, 2001). Third, Bayesian inference offers several 

advantages over the frequentist approach, particularly the ability to use credible intervals 

for result interpretation rather than relying solely on dichotomous decisions based on p-

values (Halsey et al., 2015; Wagenmakers et al., 2018). 

In Bayesian analysis, selecting an appropriate prior is essential during model 

construction. Given the exploratory nature of this study, uninformative priors or a flat 

prior distribution were used to minimize the influence of prior information on model 

estimation (Diaconis & Ylvisaker, 1985). However, we still performed prior-tweaking to 

check whether the estimated posteriors were sensitive to changing prior information 

using prior distribution reflecting our disbelief in the associations, that is, normal 

distribution with a mean equal to 0 and standard deviation equal to 0.5. If the estimated 

results using informative prior reflecting our disbelief are not different from the results 

estimated using uninformative priors, the posteriors can be deemed insensitive to priors 

(Vuong et al., 2022). 

After fitting the model, we employed Pareto-smoothed importance sampling leave-one-

out (PSIS-LOO) diagnostics to assess the model’s goodness of fit (Vehtari & Gabry, 2019; 

Vehtari et al., 2017). The LOO is computed as follows: 

𝐿𝑂𝑂 = −2𝐿𝑃𝑃𝐷𝑙𝑜𝑜 = −2 ∑ log ∫ 𝑝(𝑦𝑖|𝜃)𝑝𝑝𝑜𝑠𝑡(−𝑖)(𝜃)𝑑𝜃

𝑛

𝑖=1

 

𝑝𝑝𝑜𝑠𝑡(−𝑖)(𝜃) is the posterior distribution based on the data minus data point 𝑖. The k-

Pareto values are used in the PSIS method for computing leave-one-out cross-validation, 

which helps identify observations with a high degree of influence on the PSIS estimate. 

Observations with k-Pareto values greater than 0.7 are often considered influential and 

may be problematic for accurately estimating leave-one-out cross-validation. Commonly, a 

model is considered fit when the k values are below 0.5.  

If the model fits the data well, we proceeded with convergence diagnostics and result 

interpretation. In this study, we assessed the convergence of Markov chains using both 
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statistical measures and visualizations. Statistically, we used the effective sample size 

(n_eff) and the Gelman–Rubin shrink factor (Rhat) to evaluate convergence. The n_eff 

value indicates the number of independent samples obtained during stochastic 

simulation, while the Rhat value, also known as the potential scale reduction factor, 

assesses convergence across multiple chains (Brooks & Gelman, 1998). A n_eff value 

greater than 1000 typically suggests that the Markov chains have converged and the 

samples are sufficient for reliable inference (McElreath, 2018). For Rhat, a value above 

1.1 indicates non-convergence, while a value of 1 generally suggests convergence. 

Additionally, convergence was visually inspected using trace plots.  

Bayesian analysis was conducted in R using the bayesvl open-access package, which 

offers eye-catching visualization capabilities (La & Vuong, 2019). To address data 

transparency and reproducibility, all data and code snippets from this study were 

deposited on a preprint server (Vuong, 2018): https://zenodo.org/records/10589237 

3. Results 

3.1. Model 1 

Model 1 was fitted to investigate the associations between residents’ socio-demographic 

factors, motivations for visiting public parks, and the frequency of their visits. The model 

fitting process utilized four Markov chains, each comprising 5,000 iterations, with 2,000 

iterations allocated for warmup. 

The PSIS-LOO test was first conducted to evaluate the fit of Model 1 with the collected 

data. As shown in Figure 1, all k-values are below the 0.5 threshold, indicating that the 

model fits the data well. 

 

Figure 1: Model 1’s PSIS-LOO diagnosis using uninformative priors 

Next, the convergence of the model must be assessed using two diagnostic metrics: 

effective sample size (n_eff) and the Gelman–Rubin shrink factor (Rhat). With all 

https://zenodo.org/records/10589237
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parameters showing n_eff values greater than 6,000 and Rhat values equal to 1, Model 

1 appears to converge well (see Table 3).  

Table 3: Model 1’s simulated posterior results 

Parameter 

Uninformative prior 

Normal (0,10) 

Priors reflecting disbelief 

Normal (0,0.5) 

M S n_eff Rhat M S n_eff Rhat 

Constant 2.04 0.24 6862 1 2.05 0.24 7004 1 

Sex 0.11 0.08 11763 1 0.11 0.08 10662 1 

Age 0.15 0.03 10396 1 0.015 0.03 11455 1 

Education -0.01 0.06 7130 1 -0.01 0.06 7133 1 

Income 0.02 0.03 9531 1 0.02 0.03 10447 1 

Relaxation 0.22 0.09 10436 1 0.22 0.08 10678 1 

PhysicalActivities 0.39 0.08 11633 1 0.38 0.08 10932 1 

Friends 0.15 0.09 11399 1 0.15 0.09 12060 1 

Family 0.11 0.10 10150 1 0.11 0.09 10654 1 

EducationalActivities 0.06 0.10 10327 1 0.07 0.10 10455 1 

EnjoyNature 0.13 0.08 11833 1 0.13 0.08 10276 1 

CommunityEvents 0.04 0.11 11000 1 0.05 0.10 11796 1 
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Figure 2: Model 1’s trace plots using uninformative priors 

Additionally, the trace plots further confirm this convergence. Specifically, they display 

MCMC sample values for each successive iteration along the chain. The y-axis represents 

the coefficient’s value, while the x-axis shows the number of iterations in the Markov 

process. Convergence is indicated if the chains exhibit good mixing (evidenced by rapid 

zig-zag movement) and remain stationary around an equilibrium (i.e., staying within the 

posterior distribution) (McElreath, 2018). Figure 2 illustrates the trace plots for Model 1, 

showing that the Markov chains are convergent. Note that all iterations before the 

2,000th are excluded in Figure 2, as these warmup iterations are not used for inference. 

The simulated posteriors employing uninformative priors imply some significant 

relationships between socio-demographic factors and the frequency of visiting public 

parks. Male and older residents are found to visit public parks more frequently 

(𝑀𝑆𝑒𝑥=0.11 and 𝑆𝑆𝑒𝑥=0.03; 𝑀𝐴𝑔𝑒=0.15 and 𝑆𝐴𝑔𝑒=0.03), while educational level and 

income are found to have ambiguous relationships with the frequency of visiting public 

parks. 𝑆𝑒𝑥’s and 𝐴𝑔𝑒’s 90% of the Highest Posterior Density Intervals (HPDI), 

represented by the thick black line in Figure 3, are located almost entirely on the positive 

side of the x-axis, suggesting that their associations with 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛 highly 

reliable. 

For the motivations, almost all motivations (i.e., 𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛, 𝑃ℎ𝑦𝑠𝑖𝑐𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠, 

𝐹𝑟𝑖𝑒𝑛𝑑𝑠, 𝐹𝑎𝑚𝑖𝑙𝑦, 𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒) have positive associations with 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛, 

except for 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠 and 𝐶𝑜𝑚𝑚𝑢𝑛𝑖𝑡𝑦𝐸𝑣𝑒𝑛𝑡𝑠. 90% HPDI of 𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛, 
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𝑃ℎ𝑦𝑠𝑖𝑐𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠, 𝐹𝑟𝑖𝑒𝑛𝑑𝑠, and 𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒 are located entirely on the positive side, 

indicating the high reliability of their positive associations with 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛 (see 

Figure 3). A portion of 𝐹𝑎𝑚𝑖𝑙𝑦’s HPDI still lies on the negative side, so its positive 

association with 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛 can only be deemed moderately reliable.  

 

Figure 3: Model 1’s estimated posteriors using uninformative priors 

Even after fitting Model 1 again using informative priors reflecting our disbelief in the 

associations, the estimated posteriors remain almost identical to those fitted using 

uninformative priors. Thus, we can consider the estimated results insensitive toward 

priors. 

3.2. Model 2 

Model 2 was fitted to examine the associations between residents’ socio-demographic 

factors, motivations for visiting public parks, and the willingness to donate to planting 

projects in the nearby public park. Figure 4 presents the visual PSIS-LOO diagnostics for 

Model 2. Since the k-values in the figure are below the 0.5 threshold, it indicates that 

Model 2 also fits the data well. 
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Figure 4: Model 2’s PSIS-LOO diagnosis using uninformative priors 

Both convergence diagnostic values (n_eff and Rhat) of the model imply that its Markov 

chains have converged (see Table 4). Additionally, the trace plots in Figure 5 also validate 

the convergence. 

Table 4: Model 2’s simulated posterior results 

Parameter 

Uninformative prior 

Normal (0,10) 

Priors reflecting disbelief 

Normal (0,0.5) 

M S n_eff Rhat M S n_eff Rhat 

Constant 2.71 0.24 7770 1 2.71 0.24 6334 1 

Sex -0.15 0.08 11890 1 -0.15 0.07 11702 1 

Age 0.04 0.03 9178 1 0.04 0.03 10480 1 

Education -0.06 0.06 7912 1 -0.06 0.06 6411 1 

Income 0.07 0.03 9008 1 0.07 0.03 8893 1 

Relaxation 0.24 0.09 10802 1 0.23 0.08 10608 1 

PhysicalActivities 0.05 0.08 12154 1 0.05 0.08 10460 1 

Friends 0.02 0.09 12023 1 0.01 0.09 10587 1 

Family 0.08 0.10 10520 1 0.07 0.09 10497 1 

EducationalActivities -0.22 0.10 10234 1 -0.21 0.10 10408 1 

EnjoyNature 0.20 0.08 10541 1 0.20 0.08 9819 1 

CommunityEvents -0.05 0.11 11198 1 -0.05 0.11 10729 1 
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Figure 5: Model 2’s trace plots using uninformative priors 

Based on the estimated results of Model 2 in Table 4, it can be seen that while age and 

income have positive associations with donation willingness (𝑀𝐴𝑔𝑒=0.04 and 𝑆𝐴𝑔𝑒=0.03; 

𝑀𝐼𝑛𝑐𝑜𝑚𝑒=0.07 and 𝑆𝐼𝑛𝑐𝑜𝑚𝑒=0.03), males and those with higher education levels are less 

willing to donate to planting projects (𝑀𝑆𝑒𝑥=-0.15 and 𝑆𝑆𝑒𝑥=0.08; 𝑀𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛=-0.06 and 

𝑆𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛=0.06). The HPDIs of 𝑆𝑒𝑥 and 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 in Figure 6 demonstrate that the 

negative association between 𝑆𝑒𝑥 and 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐷𝑜𝑛𝑎𝑡𝑖𝑜𝑛 is highly reliable, while that 

between 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 and 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐷𝑜𝑛𝑎𝑡𝑖𝑜𝑛 is moderately reliable. Meanwhile, HPDIs 

of Age and Income suggest their positive associations are moderately and highly reliable, 

respectively (see Figure 6). 

As for motivations to visit public parks, only 𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛 and 𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒 are found to 

have positive associations with 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐷𝑜𝑛𝑎𝑡𝑖𝑜𝑛 (𝑀𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛=0.24 and 

𝑆𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒=0.09; 𝑀𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒=0.20 and 𝑆𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒=0.08), while other motivational 

factors have ambiguous associations. The HPDIs of 𝑅𝑒𝑙𝑎𝑥𝑎𝑡𝑖𝑜𝑛 and 𝐸𝑛𝑗𝑜𝑦𝑁𝑎𝑡𝑢𝑟𝑒 lie 

entirely on the positive sides of the x-axis, so their positive associations with 

𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐷𝑜𝑛𝑎𝑡𝑖𝑜𝑛 can be deemed highly reliable. In contrast, EducationalActivities is 

found to have a negative association with 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐷𝑜𝑛𝑎𝑡𝑖𝑜𝑛 (𝑀𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠=-



20 
 

0.22 and 𝑆𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑎𝑙𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑖𝑒𝑠=0.10), and the association is highly reliable as illustrated 

by its HPDI in Figure 6.  

 

Figure 6: Model 2’s estimated posteriors using uninformative priors 

When we refitted Model 2 using informative priors that reflected our disbelief in the 

associations, the estimated posteriors remained nearly identical to those obtained with 

uninformative priors. This suggests that the estimated results are insensitive to the 

choice of priors. 

3.3. Model 3 

For Model 3, our goal was to assess whether the respondent’s frequency of visiting public 

parks is associated with their donation willingness, as well as whether socio-demographic 

factors and motivations for visiting public parks are indirectly associated with donation 

willingness through the frequency of visiting public parks. The procedure for fitting and 

validating Model 3 were consistent with those used for Models 1 and 2. Initially, we 

performed a PSIS-LOO diagnosis for both models. The visualizations of k-values in Figure 

7, where all k-values are below 0.5, indicate that Models 3 are neither underfitted nor 

overfitted with the data. 



21 
 

 

Figure 7: Model 3’s PSIS-LOO diagnosis using uninformative priors 

Table 5 shows that the n_eff and Rhat values confirm the convergence of Models 3 (with 

n_eff > 8,000 and Rhat = 1). Additionally, the convergence is supported by visual 

diagnostics from the trace plots illustrated in Figure 8. 

Table 5: Model 3’s simulated posterior results 

Parameter 

Uninformative prior 

Normal (0,10) 

Priors reflecting disbelief 

Normal (0,0.5) 

M S n_eff Rhat M S n_eff Rhat 

Constant 2.43 0.27 8922 1 2.43 0.26 8175 1 

Sex -0.16 0.08 13597 1 -0.16 0.07 13686 1 

Age 0.02 0.03 12657 1 0.02 0.03 12998 1 

Education -0.06 0.06 9212 1 -0.05 0.06 8505 1 

Income 0.07 0.03 11014 1 0.07 0.03 11737 1 

Relaxation 0.21 0.09 11973 1 0.20 0.08 12172 1 

PhysicalActivities -0.01 0.08 11561 1 -0.01 0.08 13617 1 

Friends 0.00 0.09 12162 1 0.00 0.09 13367 1 

Family 0.06 0.10 11745 1 0.06 0.09 12017 1 

EducationalActivities -0.23 0.10 11731 1 -0.22 0.10 11569 1 

EnjoyNature 0.18 0.09 12052 1 0.18 0.08 13537 1 
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CommunityEvents -0.05 0.11 11893 1 -0.05 0.10 14534 1 

PublicParkFrequen 0.14 0.06 10840 1 0.14 0.06 11321 1 

 

 

Figure 8: Model 3’s trace plots using uninformative priors 

As can be seen from Table 5, 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛 has a positive association with 

𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐷𝑜𝑛𝑎𝑡𝑖𝑜𝑛 (𝑀𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛 =0.14 and 𝑆𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛 =0.06). 90% HPDI 

of 𝑃𝑢𝑏𝑙𝑖𝑐𝑃𝑎𝑟𝑘𝐹𝑟𝑒𝑞𝑢𝑒𝑛 is also entirely located on the positive side, so its positive 

association can be deemed highly reliable (see Figure 9). Even after adding 

PublicParkFrequen into the model, coefficients of other variables in Model 3 are 

relatively similar to those in Model 2. Refitting the model using information priors did not 

change the estimated posteriors, so the results are robust against priors (see Table 5). 
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Figure 9:  

 

4. Discussion 

Under rapid urbanization, public parks are crucial for protecting biodiversity and 

enhancing human well-being. In this study, we examined the relationships between urban 

residents' socio-demographic characteristics, park visitation motivation, visit frequency, 

and donation willingness in major cities in Vietnam. Based on the results of Models 1-3, 

we discovered several major findings. 

First, respondents’ socio-demographic factors have varying relationships with their 

frequency of visiting public parks and donation willingness. From these relationships, two 

points are noteworthy. In particular, male residents tend to visit public parks more 

frequently, but they are less willing to donate to planting projects in the public parks. The 

finding highlights the discrepancies between male and female residents in park usage 

frequency and donation willingness. Concerning the association between sex and 

donation willingness, our study’s finding is aligned with that of López-Mosquera (2016), 

which also indicates women have more willingness to pay for the conservation of the 

national park. López-Mosquera (2016) explained that woman may feel more empowered 

to effect change through their actions and are more susceptible to subjective and moral 

norms, potentially increasing their tendency to donate to causes they value. However, 

when male residents visit the public parks more frequently, as indicated in our study, it 
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might lead to serious free-riding and gender inequality problems (Gomez-Ruiz & Sánchez-

Expósito, 2020), where females are more likely to pay for utilities that would be utilized 

more frequently by males. With the current study’s design, it is not feasible to delve into 

this problem. Exploring whether the free-riding and gender inequality problem really exist 

and its underlying mechanism can be valuable research direction for future studies. 

Another point is that people with higher education are less willing to donate to planting 

projects in public parks. Although the association is moderately reliable, it is remarkable 

since it contrasts with Peters and Hawkins (2009) and Majumdar et al. (2011), who 

reported higher donation willingness to public parks among more educated visitors. 

These discrepancies might stem from cultural or contextual differences between Vietnam 

and previously studied urban environments, highlighting the importance of context-

specific research in urban park management. Besides the two notable points, we also 

found that older residents do not only visit public parks more frequently but are also 

more willing to donate than younger residents, and people with higher income are more 

willing to donate.  

Second, it was discovered that almost all examined motivations—relaxation, physical 

activities, nature enjoyment, meeting friends, and family time—are positively associated 

with visiting frequency. Regarding the direct relationship between motivation and 

willingness to donate, only relaxation and enjoying nature show reliable positive 

associations. These results validate our presumption made based on the Mindsponge 

Theory and the informational entropy-based notion of value: people with motivations 

deriving more from the intrinsic values of the park tend to visit the park frequently and be 

more willing to donate. Besides providing a place where urban people can interact with 

nature (e.g., plants and animals), public parks also serve as a place for urban people to 

do physical exercise, social gatherings, and educational and recreational activities, which 

do not necessarily require interactions with plants and animals in the park. People 

motivated by physical activity, socializing, and family time tend to visit public parks more 

frequently. However, their willingness to donate to park planting projects is often 

uncertain, as they might not see such donations as valuable for them. In contrast, those 

visiting public parks for activities that partly or wholly require interactions with nature, 

like relaxation and nature enjoyment, are more willing to donate because they might 

consider doing so to maximize their benefits. 

The result above seems to suggest that the Vietnamese urban people’s awareness of the 

natural values of public parks is relatively low, and the eco-surplus cultural values might 

not have existed within the Vietnamese urban communities (M.-H. Nguyen & T. E. Jones, 

2022; Vuong, 2021). Although physical exercise, social gatherings, and educational and 

recreational activities do not require public park visitors to interact with surrounding 

plants or animals, the visitors still benefit from the natural experiences through their 

sensory systems, like sight (e.g., colorful landscape), smell (e.g., the odor of wood, 

flowers, and grass), hearing (e.g., sounds of bird), etc. The negative associations between 

educational level, educational activities, and donation willingness also further 

corroborate this interpretation. This implies that environmental education in Vietnam may 

be lacking or ineffective, potentially due to its perception that it is a formal obligation 
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rather than an engaging experience. Through the lens of Mindsponge theory, if 

educational programs are perceived as not beneficial or even costly, relevant information 

provided by such programs would be less likely to be absorbed into individuals’ mindsets 

(Vuong et al., 2021). Sometimes, it might also lead to rejection or denial of the value of 

such information. These findings question conventional assumptions about the role of 

education in environmental engagement (Aiman et al., 2022), and call for further 

investigation into the effectiveness of environmental education and how it can be 

associated with urban park management in the contexts of rapidly developing countries, 

like Vietnam. 

Third, although physical activities, meeting friends, and family time motivations are not 

directly associated with donation willingness, they are found to be indirectly positively 

associated with donation willingness through the mediation of public park visiting 

frequency. This result, again, confirms our presumption that people with more experience 

(or interactions) with public parks would be more willing to donate. Through the 

mediation of park visiting frequency, although people initially visit the parks not because 

of the natural values of the parks, they would gradually recognize such values if the 

visiting frequency is high. Subsequently, they would be more willing to donate for planting 

projects. The result also hints at the potential of building an eco-surplus culture among 

Vietnamese urban residents by increasing their frequency of visiting public parks. 

Our study offers several implications for urban planning, park management, and 

sustainable urban development in rapidly urbanizing contexts. Firstly, given that 

relaxation and nature enjoyment are primary drivers of both visitation and donation 

willingness, park designers and managers should prioritize spaces and programs that 

facilitate these experiences in their planning and fundraising efforts (Vuong & Nguyen, 

2023). This aligns with Wolch et al. (2014)’s concept of creating high-quality green 

spaces that meet community needs. Secondly, our results suggest a need to reevaluate 

public education and outreach efforts related to environmental values and public parks. 

While educational activities remain crucial, they should be redesigned to be more 

engaging and emotionally resonant, fostering connections that could translate into eco-

surplus cultural values and greater support for public park projects (López-Mosquera et 

al., 2014; Vuong & Nguyen, 2024b). This approach is corroborated by Soga and Gaston’s 

(2016) work on the importance of nature engagement opportunities, especially for 

children in increasingly urbanized environments.  

Thirdly, to foster a more comprehensive eco-surplus culture, policymakers and park 

managers should prioritize more spaces for public parks in urban planning to provide 

urban residents with more nature connection opportunities. In this way, residents’ 

awareness of the intrinsic value of nature and the broader ecological benefits of urban 

green spaces would also be improved. Finally, park managers could benefit from tailoring 

their donation campaigns around personal nature experiences and personal benefits 

rather than relying solely on abstract environmental concerns. This strategy is supported 

by Park and Cho’s (2020) study, which identified personal experience and emotional 

sympathy as the most significant factors influencing donation intention for both 

experienced and inexperienced donors. Given the positive association between income 
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and donation tendency, conservation and park-related campaigns should also be 

designed to engage and garner support from higher-income groups.  

While our study provides insights into public park visitation frequency and donation 

willingness in urban cities of Vietnam, several limitations need to be considered (Vuong, 

2020). Firstly, our data collection occurred during the COVID-19 pandemic in 2021, 

potentially influencing findings, particularly regarding park visitation frequency, 

community events, and educational activities. Secondly, the cross-sectional nature of the 

data limits our ability to infer causal relationships or temporal analysis, which may not 

directly translate to actual donation behavior. Thirdly, the absence of spatial analysis, 

which could have elucidated the influence of park accessibility on visitation patterns and 

attitudes, represents another limitation. To address these constraints, future research 

could incorporate GIS data on park locations and urban forms, providing a more 

comprehensive understanding of spatial dynamics. Longitudinal studies could deliver 

temporal changes to attitudes and behaviors, while experimental designs could more 

robustly assess causal relationships. Future studies could also explore strategies to 

bridge the gap between personal benefits and broader ecological awareness, fostering 

the growth of an eco-surplus culture in urban Vietnam. Additionally, comparative studies 

with other rapidly urbanizing countries could offer valuable insights into how cultural and 

economic factors influence attitudes toward urban green spaces and conservation 

efforts. 

In conclusion, as cities continue to grow, the creation and maintenance of public green 

spaces should be viewed as inseparable from the fostering of resident’s eco-surplus 

culture. This approach not only enhances the quality of urban life and maintains the 

human-nature connection but also contributes to the long-term sustainability of rapidly 

urbanizing countries. 

References 

Aiman, A., Aziz, N. A. A., Saadun, N., Lin, E. L. A., Lechner, A. M., & Azhar, B. (2022). 

Attitudes and willingness of local communities towards natural urban forest 

conservation in a rapidly developing Southeast Asia city. Cities, 129, 103832. 

10.1016/j.cities.2022.103832  

Ajzen, I., & Driver, B. (1992). Contingent value measurement: On the nature and meaning 

of willingness to pay. Journal of Consumer Psychology, 1(4), 297-316. 

https://doi.org/10.1016/S1057-7408(08)80057-5  

Asamoah, O., Danquah, J. A., Bamwesigye, D., Verter, N., Acheampong, E., Macgregor, C. 

J., . . . Pappinen, A. (2024). The perception of the locals on the impact of climate 

variability on non-timber forest products in Ghana. Ecological Frontiers, 44(3), 

489-499. https://doi.org/10.1016/j.chnaes.2023.07.004  

Brooks, S. P., & Gelman, A. (1998). General methods for monitoring convergence of 

iterative simulations. Journal of computational and graphical statistics, 7(4), 434-

455.  

https://doi.org/10.1016/S1057-7408(08)80057-5
https://doi.org/10.1016/j.chnaes.2023.07.004


27 
 

Chiesura, A. (2004). The role of urban parks for the sustainable city. Landscape and 

Urban Planning, 68(1), 129-138. 

https://doi.org/10.1016/j.landurbplan.2003.08.003  

Cook, D. A., & Artino Jr, A. R. (2016). Motivation to learn: an overview of contemporary 

theories. Medical education, 50(10), 997-1014. 

https://doi.org/10.1111/medu.13074  

Cooper, P., Poe, G. L., & Bateman, I. J. (2004). The structure of motivation for contingent 

values: a case study of lake water quality improvement. Ecological Economics, 

50(1-2), 69-82. https://doi.org/10.1016/j.ecolecon.2004.02.009  

Csilléry, K., Blum, M. G., Gaggiotti, O. E., & François, O. (2010). Approximate Bayesian 

computation (ABC) in practice. Trends in Ecology and Evolution, 25(7), 410-418. 

https://doi.org/10.1016/j.tree.2010.04.001  

Deci, E. L., & Ryan, R. M. (2000). The" what" and" why" of goal pursuits: Human needs 

and the self-determination of behavior. Psychological Inquiry, 11(4), 227-268. 

https://doi.org/10.1207/S15327965PLI1104_01  

Diaconis, P., & Ylvisaker, D. (1985). Quantifying prior opinion. In J. M. Bernardo, M. H. 

DeGroot, D. V. Lindley, & A. F. M. Smith (Eds.), Bayesian Statistics (Vol. 2, pp. 133-

156). North Holland Press.  

Do, D. T., Cheng, Y., Shojai, A., & Chen, Y. (2019). Public park behaviour in Da Nang: An 

investigation into how open space is used. Frontiers of Architectural Research, 

8(4), 454-470. https://doi.org/10.1016/j.foar.2019.05.006  

Dunson, D. B. (2001). Commentary: practical advantages of Bayesian analysis of 

epidemiologic data. American journal of Epidemiology, 153(12), 1222-1226. 

https://doi.org/10.1093/aje/153.12.1222  

Elmqvist, T., Zipperer, W., & Güneralp, B. (2016). Urbanization, habitat loss, biodiversity 

decline: solution pathways to break the cycle. In K. Seto, W. Solecki, & C. Griffith 

(Eds.), Routledge Handbook of Urbanization Global Environmental Change (Vol. 

2016, pp. 139-151). Routledge.  

Fan, P., Ouyang, Z., Nguyen, D. D., Nguyen, T. T. H., Park, H., & Chen, J. (2019). 

Urbanization, economic development, environmental and social changes in 

transitional economies: Vietnam after Doimoi. Landscape and Urban Planning, 

187, 145-155. https://doi.org/10.1016/j.landurbplan.2018.10.014  

Fontán-Vela, M., Rivera-Navarro, J., Gullón, P., Díez, J., Anguelovski, I., Franco, M. J. H., & 

place. (2021). Active use and perceptions of parks as urban assets for physical 

activity: A mixed-methods study. Health and Place, 71, 102660. 

https://doi.org/10.1016/j.healthplace.2021.102660  

General Statistics Office of Vietnam. (2021). Statistical yearbook of 2021. 

https://www.gso.gov.vn/en/data-and-statistics/2022/08/statistical-yearbook-of-

2021/ 

https://doi.org/10.1016/j.landurbplan.2003.08.003
https://doi.org/10.1111/medu.13074
https://doi.org/10.1016/j.ecolecon.2004.02.009
https://doi.org/10.1016/j.tree.2010.04.001
https://doi.org/10.1207/S15327965PLI1104_01
https://doi.org/10.1016/j.foar.2019.05.006
https://doi.org/10.1093/aje/153.12.1222
https://doi.org/10.1016/j.landurbplan.2018.10.014
https://doi.org/10.1016/j.healthplace.2021.102660
https://www.gso.gov.vn/en/data-and-statistics/2022/08/statistical-yearbook-of-2021/
https://www.gso.gov.vn/en/data-and-statistics/2022/08/statistical-yearbook-of-2021/


28 
 

Gill, J. (2014). Bayesian methods: A social and behavioral sciences approach (Vol. 20). 

CRC press.  

Gomez-Ruiz, L., & Sánchez-Expósito, M. J. (2020). The impact of team identity and 

gender on free-riding responses to fear and cooperation sustainability. 

Sustainability, 12(19), 8175. https://doi.org/10.3390/su12198175  

Quyết định số 882/QĐ-TTg của Thủ tướng Chính phủ: Phê duyệt Kế hoạch hành động 

quốc gia về tăng trưởng xanh giai đoạn 2021 - 2030, (2022). 

https://chinhphu.vn/?pageid=27160&docid=206215  

Green, S. B. (1991). How many subjects does it take to do a regression analysis. 

Multivariate Behavioral Research, 26(3), 499-510. 

https://doi.org/10.1207/s15327906mbr2603_7  

Halsey, L. G., Curran-Everett, D., Vowler, S. L., & Drummond, G. B. (2015). The fickle P 

value generates irreproducible results. Nature methods, 12, 179-185. 

https://doi.org/10.1038/nmeth.3288  

Hoyos, D., Mariel, P., & Hess, S. (2015). Incorporating environmental attitudes in discrete 

choice models: An exploration of the utility of the awareness of consequences 

scale. Science of the Total Environment, 505, 1100-1111. 

https://doi.org/10.1016/j.scitotenv.2014.10.066  

Huang, Y., Hou, Y., Ren, J., Yang, J., & Wen, Y. (2023). How to promote sustainable 

bamboo forest management: an empirical study from small-scale farmers in 

China. Forests, 15(1), 12. https://doi.org/10.3390/f15010012  

Jiang, L., Huang, H., He, S., Huang, H., & Luo, Y. (2022). What motivates farmers to adopt 

low-carbon agricultural technologies? Empirical evidence from thousands of rice 

farmers in Hubei province, central China. Frontiers in Psychology, 13, 983597. 

https://doi.org/10.3389/fpsyg.2022.983597  

Khuc, V. Q., Tran, M., Thinh, N. A., Lich, H. K., Dang, T., Nguyen, T. M. H., & Tran, D. T. 

(2024). Closing nature connectedness to foster environmental culture: 

investigating urban residents’ utilization and contribution to parks in Vietnam. 

Discover Sustainability, 5(1), 144. https://doi.org/10.1007/s43621-024-00350-y  

La, V.-P., & Vuong, Q.-H. (2019). bayesvl: Visually learning the graphical structure of 

Bayesian networks and performing MCMC with'Stan'. The Comprehensive R 

Archive Network (CRAN). https://cran.r-

project.org/web/packages/bayesvl/index.html  

Labbé, D. (2021). Urban transition in Hanoi: huge challenges ahead. ISEAS-Yusof Ishak 

Institute.  

Leducq, D., & Scarwell, H.-J. (2018). The new Hanoi: Opportunities and challenges for 

future urban development. Cities, 72, 70-81. 

https://doi.org/10.1016/j.cities.2017.08.003  

https://doi.org/10.3390/su12198175
https://chinhphu.vn/?pageid=27160&docid=206215
https://doi.org/10.1207/s15327906mbr2603_7
https://doi.org/10.1038/nmeth.3288
https://doi.org/10.1016/j.scitotenv.2014.10.066
https://doi.org/10.3390/f15010012
https://doi.org/10.3389/fpsyg.2022.983597
https://doi.org/10.1007/s43621-024-00350-y
https://cran.r-project.org/web/packages/bayesvl/index.html
https://cran.r-project.org/web/packages/bayesvl/index.html
https://doi.org/10.1016/j.cities.2017.08.003


29 
 

Li, G., Fang, C., Li, Y., Wang, Z., Sun, S., He, S., . . . Fan, Y. (2022). Global impacts of future 

urban expansion on terrestrial vertebrate diversity. Nature Communications, 

13(1), 1628. https://doi.org/10.1038/s41467-022-29324-2  

Lin, B. B., Fuller, R. A., Bush, R., Gaston, K. J., & Shanahan, D. F. (2014). Opportunity or 

orientation? Who uses urban parks and why. PLOS ONE, 9(1), e87422. 

https://doi.org/10.1371/journal.pone.0087422  

Liu, H., Li, F., Xu, L., & Han, B. (2017). The impact of socio-demographic, environmental, 

and individual factors on urban park visitation in Beijing, China. Journal of Cleaner 

Production, 163, S181-S188. https://doi.org/10.1016/j.jclepro.2015.09.012  

Lo, A. Y., & Jim, C. Y. (2010). Willingness of residents to pay and motives for conservation 

of urban green spaces in the compact city of Hong Kong. Urban Forestry and 

Urban Greening, 9(2), 113-120. https://doi.org/10.1016/j.ufug.2010.01.001  

López-Mosquera, N. (2016). Gender differences, theory of planned behavior and 

willingness to pay. Journal of Environmental Psychology, 45, 165-175. 

https://doi.org/10.1016/j.jenvp.2016.01.006  

López-Mosquera, N., García, T., & Barrena, R. (2014). An extension of the Theory of 

Planned Behavior to predict willingness to pay for the conservation of an urban 

park. Journal of Environmental Management, 135, 91-99. 

https://doi.org/10.1016/j.jenvman.2014.01.019  

Ma, Y., Brindley, P., & Lange, E. (2022). The influence of socio-demographic factors on 

preference and park usage in Guangzhou, China. Land, 11(8), 1219. 

https://doi.org/10.3390/land11081219  

Majumdar, S., Deng, J., Zhang, Y., & Pierskalla, C. (2011). Using contingent valuation to 

estimate the willingness of tourists to pay for urban forests: A study in Savannah, 

Georgia. Urban Forestry and Urban Greening, 10(4), 275-280. 

https://doi.org/10.1016/j.ufug.2011.07.006  

Mantello, P., Ho, M.-T., Nguyen, M.-H., & Vuong, Q.-H. (2023). Machines that feel: 

behavioral determinants of attitude towards affect recognition technology—

upgrading technology acceptance theory with the mindsponge model. Humanities 

and Social Sciences Communications, 10, 430. https://doi.org/10.1057/s41599-

023-01837-1  

McDonald, R. I., Mansur, A. V., Ascensão, F., Colbert, M. l., Crossman, K., Elmqvist, T., . . . 

Hamann, M. (2020). Research gaps in knowledge of the impact of urban growth 

on biodiversity. Nature Sustainability, 3(1), 16-24. 

https://doi.org/10.1038/s41893-019-0436-6  

McElreath, R. (2018). Statistical rethinking: A Bayesian course with examples in R and 

Stan. Chapman and Hall/CRC Press.  

Mexia, T., Vieira, J., Príncipe, A., Anjos, A., Silva, P., Lopes, N., . . . Branquinho, C. (2018). 

Ecosystem services: Urban parks under a magnifying glass. Environmental 

Research, 160, 469-478. https://doi.org/10.1016/j.envres.2017.10.023  

https://doi.org/10.1038/s41467-022-29324-2
https://doi.org/10.1371/journal.pone.0087422
https://doi.org/10.1016/j.jclepro.2015.09.012
https://doi.org/10.1016/j.ufug.2010.01.001
https://doi.org/10.1016/j.jenvp.2016.01.006
https://doi.org/10.1016/j.jenvman.2014.01.019
https://doi.org/10.3390/land11081219
https://doi.org/10.1016/j.ufug.2011.07.006
https://doi.org/10.1057/s41599-023-01837-1
https://doi.org/10.1057/s41599-023-01837-1
https://doi.org/10.1038/s41893-019-0436-6
https://doi.org/10.1016/j.envres.2017.10.023


30 
 

Muhamad Nor, A. N., Abdul Aziz, H., Nawawi, S. A., Muhammad Jamil, R., Abas, M. A., 

Hambali, K. A., . . . Corstanje, R. (2021). Evolution of green space under rapid 

urban expansion in Southeast Asian cities. Sustainability, 13(21), 12024. 

https://doi.org/10.3390/su132112024  

Nguyen, M.-H. (2021). Multifaceted interactions between urban humans and biodiversity-

related concepts: A developing-country data set. Data Intelligence, 3(4), 578-605. 

https://doi.org/10.1162/dint_a_00110  

Nguyen, M.-H. (2022). Investigating urban residents' involvement in biodiversity 

conservation in protected areas: Empirical evidence from Vietnam [Doctoral 

dissertation, Ritsumeikan Asia Pacific University]. Beppu, Ōita, Japan. 

https://ritsumei.repo.nii.ac.jp/?action=pages_view_main&active_action=reposito

ry_view_main_item_detail&item_id=18347&item_no=1&page_id=13&block_id=2

1 

Nguyen, M.-H., Duong, M.-P. T., Nguyen, Q.-L., La, V.-P., & Hoang, V.-Q. (2024). In search of 

value: the intricate impacts of benefit perception, knowledge, and emotion about 

climate change on marine protection support. Journal of Environmental Studies 

and Sciences, 1-19. https://doi.org/10.1007/s13412-024-00902-8  

Nguyen, M.-H., & Jones, T. E. (2022). Building eco-surplus culture among urban residents 

as a novel strategy to improve finance for conservation in protected areas. 

Humanities and Social Sciences Communications, 9(1), 426. 

https://doi.org/10.1057/s41599-022-01441-9  

Nguyen, M.-H., La, V.-P., Le, T.-T., & Vuong, Q.-H. (2022). Introduction to Bayesian 

Mindsponge Framework analytics: an innovative method for social and 

psychological research. MethodsX, 9, 101808. 

https://doi.org/10.1016/j.mex.2022.101808  

Nguyen, M.-H., Le, T.-T., & Vuong, Q.-H. (2023). Ecomindsponge: A novel perspective on 

human psychology and behavior in the ecosystem. Urban Science, 7(1), 31. 

https://doi.org/10.3390/urbansci7010031  

Nguyen, M.-H., Nguyen, M.-H. T., Jin, R., Nguyen, Q.-L., La, V.-P., Le, T.-T., & Vuong, Q.-H. 

(2023). Preventing the separation of urban humans from nature: The impact of 

pet and plant diversity on biodiversity loss belief. Urban Science, 7(2), 46. 

https://doi.org/10.3390/urbansci7020046  

Nguyen, M. H., & Jones, T. E. (2022). Predictors of support for biodiversity loss 

countermeasure and bushmeat consumption among Vietnamese urban residents. 

Conservation Science and Practice, 4(12), e12822. 

https://doi.org/10.1111/csp2.12822  

Ouyang, Z., Fan, P., & Chen, J. (2016). Urban built-up areas in transitional economies of 

Southeast Asia: Spatial extent and dynamics. Remote Sensing, 8(10), 819. 

https://doi.org/10.3390/rs8100819  

https://doi.org/10.3390/su132112024
https://doi.org/10.1162/dint_a_00110
https://ritsumei.repo.nii.ac.jp/?action=pages_view_main&active_action=repository_view_main_item_detail&item_id=18347&item_no=1&page_id=13&block_id=21
https://ritsumei.repo.nii.ac.jp/?action=pages_view_main&active_action=repository_view_main_item_detail&item_id=18347&item_no=1&page_id=13&block_id=21
https://ritsumei.repo.nii.ac.jp/?action=pages_view_main&active_action=repository_view_main_item_detail&item_id=18347&item_no=1&page_id=13&block_id=21
https://doi.org/10.1007/s13412-024-00902-8
https://doi.org/10.1057/s41599-022-01441-9
https://doi.org/10.1016/j.mex.2022.101808
https://doi.org/10.3390/urbansci7010031
https://doi.org/10.3390/urbansci7020046
https://doi.org/10.1111/csp2.12822
https://doi.org/10.3390/rs8100819


31 
 

Park, H., & Cho, Y. (2020). Financial sustainability of nonprofit organizations: 

Determinants of fundraising campaigns on donation intention. The Journal of 

Industrial Distribution and Business, 11(3), 19-28. 

https://doi.org/10.13106/jidb.2020.vol11.no3.19  

Peters, H., & Hawkins, J. P. (2009). Access to marine parks: A comparative study in 

willingness to pay. Ocean and Coastal Management, 52(3-4), 219-228. 

https://doi.org/10.1016/j.ocecoaman.2008.12.001  

Rovelli, C. (2018). Reality is not what it seems: The journey to quantum gravity. Penguin. 

https://www.google.com/books/edition/Reality_Is_Not_What_It_Seems/fsQiDAAA

QBAJ  

Ryan, R. M., & Deci, E. L. (2000). Intrinsic and extrinsic motivations: Classic definitions 

and new directions. Contemporary Educational Psychology, 25(1), 54-67. 

https://doi.org/10.1006/ceps.1999.1020  

Ryan, R. M., & Deci, E. L. (2020). Intrinsic and extrinsic motivation from a self-

determination theory perspective: Definitions, theory, practices, and future 

directions. Contemporary Educational Psychology, 61, 101860. 

https://doi.org/10.1016/j.cedpsych.2020.101860  

Seto, K. C., Güneralp, B., & Hutyra, L. R. (2012). Global forecasts of urban expansion to 

2030 and direct impacts on biodiversity and carbon pools. PNAS, 109(40), 

16083-16088. https://doi.org/10.1073/pnas.1211658109  

Shan, X.-Z. (2014). Socio-demographic variation in motives for visiting urban green 

spaces in a large Chinese city. Habitat International, 41, 114-120. 

https://doi.org/10.1016/j.habitatint.2013.07.012  

Shannon, C. E. (1948). A mathematical theory of communication. The Bell System 

Technical Journal, 27(3), 379-423. https://doi.org/10.1002/j.1538-

7305.1948.tb01338.x  

Soga, M., & Gaston, K. J. (2016). Extinction of experience: the loss of human-nature 

interactions. Frontiers in Ecology and the Environment, 14(2), 94-101. 

https://doi.org/10.1002/fee.1225  

Trivedi, J. K., Sareen, H., & Dhyani, M. (2008). Rapid urbanization-Its impact on mental 

health: A South Asian perspective. Indian Journal of Psychiatry, 50(3), 161-165. 

https://doi.org/10.4103/0019-5545.43623  

VanVoorhis, C. W., & Morgan, B. L. (2007). Understanding power and rules of thumb for 

determining sample sizes. Tutorials in Quantitative Methods for Psychology, 3(2), 

43-50.  

Vehtari, A., & Gabry, J. (2019). Bayesian Stacking and Pseudo-BMA weights using the loo 

package. In (Version loo 2.2.0) https://mc-stan.org/loo/articles/loo2-weights.html 

Vehtari, A., Gelman, A., & Gabry, J. (2017). Practical Bayesian model evaluation using 

leave-one-out cross-validation and WAIC. Statistics and computing, 27(5), 1413-

1432. https://doi.org/10.1007/s11222-016-9696-4  

https://doi.org/10.13106/jidb.2020.vol11.no3.19
https://doi.org/10.1016/j.ocecoaman.2008.12.001
https://www.google.com/books/edition/Reality_Is_Not_What_It_Seems/fsQiDAAAQBAJ
https://www.google.com/books/edition/Reality_Is_Not_What_It_Seems/fsQiDAAAQBAJ
https://doi.org/10.1006/ceps.1999.1020
https://doi.org/10.1016/j.cedpsych.2020.101860
https://doi.org/10.1073/pnas.1211658109
https://doi.org/10.1016/j.habitatint.2013.07.012
https://doi.org/10.1002/j.1538-7305.1948.tb01338.x
https://doi.org/10.1002/j.1538-7305.1948.tb01338.x
https://doi.org/10.1002/fee.1225
https://doi.org/10.4103/0019-5545.43623
https://mc-stan.org/loo/articles/loo2-weights.html
https://doi.org/10.1007/s11222-016-9696-4


32 
 

Vuong, Q.-H. (2018). The (ir)rational consideration of the cost of science in transition 

economies. Nature Human Behaviour, 2, 5. https://doi.org/10.1038/s41562-

017-0281-4  

Vuong, Q.-H. (2020). Reform retractions to make them more transparent. Nature, 

582(7811), 149. https://doi.org/10.1038/d41586-020-01694-x  

Vuong, Q.-H. (2022). The Kingfisher Story Collection. 

https://www.amazon.com/dp/B0BG2NNHY6  

Vuong, Q.-H. (2023). Mindsponge theory. Walter de Gruyter GmbH. 

https://www.google.com/books/edition/Mindsponge_Theory/OSiGEAAAQBAJ  

Vuong, Q.-H., & Nguyen, M.-H. (2023). Kingfisher: Contemplating the connection between 

nature and humans through science, art, literature, and lived experiences. Pacific 

Conservation Biology, 30, PC23044. https://doi.org/10.1071/PC23044  

Vuong, Q.-H., & Nguyen, M.-H. (2024a). Better economics for the Earth: A lesson from 

quantum and information theories. AISDL. 

https://www.google.com/books/edition/Better_Economics_for_the_Earth_A_Less

on/I50TEQAAQBAJ  

Vuong, Q.-H., & Nguyen, M.-H. (2024b). Call Vietnam mouse-deer ‘cheo cheo’ and let 

empathy save them from extinction: a conservation review and call for name 

change. Pacific Conservation Biology, 30, PC23058. 

https://doi.org/10.1071/PC23058  

Vuong, Q.-H., & Nguyen, M.-H. (2024c). Further on informational quanta, interactions, and 

entropy under the granular view of value formation. 

https://philpapers.org/rec/VUOARN  

Vuong, Q.-H., Nguyen, M.-H., & La, V.-P. (2022). The mindsponge and BMF analytics for 

innovative thinking in social sciences and humanities. Walter de Gruyter GmbH.  

Vuong, Q.-H., Nguyen, M.-H., & Le, T.-T. (2021). Home scholarly culture, book selection 

reason, and academic performance: Pathways to book reading interest among 

secondary school students. European Journal of Investigation in Health, 

Psychology and Education, 11(2), 468-495. 

https://doi.org/10.3390/ejihpe11020034  

Vuong, Q. H. (2021). The semiconducting principle of monetary and environmental values 

exchange. Economics and Business Letters, 10(3), 284-290. 

https://doi.org/10.17811/ebl.10.3.2021.284-290  

Vuong, Q. H., & Napier, N. K. (2015). Acculturation and global mindsponge: an emerging 

market perspective. International Journal of Intercultural Relations, 49, 354-367. 

https://doi.org/10.1016/j.ijintrel.2015.06.003  

Wagenmakers, E.-J., Marsman, M., Jamil, T., Ly, A., Verhagen, J., Love, J., . . . Epskamp, S. 

(2018). Bayesian inference for psychology. Part I: Theoretical advantages and 

practical ramifications. Psychonomic bulletin review, 25(1), 35-57. 

https://doi.org/10.3758/s13423-017-1343-3  

https://doi.org/10.1038/s41562-017-0281-4
https://doi.org/10.1038/s41562-017-0281-4
https://doi.org/10.1038/d41586-020-01694-x
https://www.amazon.com/dp/B0BG2NNHY6
https://www.google.com/books/edition/Mindsponge_Theory/OSiGEAAAQBAJ
https://doi.org/10.1071/PC23044
https://www.google.com/books/edition/Better_Economics_for_the_Earth_A_Lesson/I50TEQAAQBAJ
https://www.google.com/books/edition/Better_Economics_for_the_Earth_A_Lesson/I50TEQAAQBAJ
https://doi.org/10.1071/PC23058
https://philpapers.org/rec/VUOARN
https://doi.org/10.3390/ejihpe11020034
https://doi.org/10.17811/ebl.10.3.2021.284-290
https://doi.org/10.1016/j.ijintrel.2015.06.003
https://doi.org/10.3758/s13423-017-1343-3


33 
 

Wang, P., Zhou, B., Han, L., & Mei, R. (2021). The motivation and factors influencing visits 

to small urban parks in Shanghai, China. Urban Forestry and Urban Greening, 60, 

127086. https://doi.org/10.1016/j.ufug.2021.127086  

Wolch, J. R., Byrne, J., & Newell, J. P. (2014). Urban green space, public health, and 

environmental justice: The challenge of making cities ‘just green enough’. 

Landscape and Urban Planning, 125, 234-244. 

https://doi.org/10.1016/j.landurbplan.2014.01.017  

World Bank. (2014). Vietnam - results based national urban development program in the 

Northern Mountains region. 

https://documents.worldbank.org/en/publication/documents-

reports/documentdetail/312461468128099777/vietnam-results-based-national-

urban-development-program-in-the-northern-mountains-region-fsa  

World Bank. (2021). Vietnam urbanization review: technical assistance report. 

https://documents.worldbank.org/en/publication/documents-

reports/documentdetail/312461468128099777/vietnam-results-based-national-

urban-development-program-in-the-northern-mountains-region-fsa 

Yeung, Y.-m. (2007). Vietnam: two decades of urban development. Eurasian Geography 

and Economics, 48(3), 269-288. https://doi.org/10.2747/1538-7216.48.3.269  

Zhan, P., Hu, G., Han, R., & Kang, Y. (2021). Factors influencing the visitation and 

revisitation of urban parks: A case study from Hangzhou, China. Sustainability, 

13(18), 10450. https://doi.org/10.3390/su131810450  

 

https://doi.org/10.1016/j.ufug.2021.127086
https://doi.org/10.1016/j.landurbplan.2014.01.017
https://documents.worldbank.org/en/publication/documents-reports/documentdetail/312461468128099777/vietnam-results-based-national-urban-development-program-in-the-northern-mountains-region-fsa
https://documents.worldbank.org/en/publication/documents-reports/documentdetail/312461468128099777/vietnam-results-based-national-urban-development-program-in-the-northern-mountains-region-fsa
https://documents.worldbank.org/en/publication/documents-reports/documentdetail/312461468128099777/vietnam-results-based-national-urban-development-program-in-the-northern-mountains-region-fsa
https://documents.worldbank.org/en/publication/documents-reports/documentdetail/312461468128099777/vietnam-results-based-national-urban-development-program-in-the-northern-mountains-region-fsa
https://documents.worldbank.org/en/publication/documents-reports/documentdetail/312461468128099777/vietnam-results-based-national-urban-development-program-in-the-northern-mountains-region-fsa
https://documents.worldbank.org/en/publication/documents-reports/documentdetail/312461468128099777/vietnam-results-based-national-urban-development-program-in-the-northern-mountains-region-fsa
https://doi.org/10.2747/1538-7216.48.3.269
https://doi.org/10.3390/su131810450

